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ABSTRACT

Public datasets, which are freely available and often labeled, play a crucial role in training object detection models
in computer vision. While public datasets are effective for developing general object detection models, they may not
be ideal for specialized tasks. For specific object detection needs, it is more beneficial to create and use a dataset
tailored to the target object. This paper proposes a method for extracting a target-specific dataset from public datasets
to develop object detection models with superior performance for the target object. This approach not only improves
detection accuracy, but also reduces training data requirements and complexity. We evaluate the performance of the
proposed method using the latest object detection model YOLOV10.
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Fig. 1. Examples of MS COCO dataset [10].
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