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Abstract In recent years, artificial intelligence and deep learning technologies have made significant
advances, and the BERT model has been recognized for its excellent contextual understanding in natural
language processing based on the transformer architecture. This performance has the potential to take
traditional recommendation systems to the next level. In this study, we adopt an approach that combines
a collaborative filtering approach with a deep learning model to improve the performance of
recommendation systems. Specifically, we implemented a system that uses BERT to analyze the sentiment
of user reviews and embed users based on these review sentiments to find and recommend users with
similar tastes. In the process, we also utilized Elasticsearch, an open-source search engine, for quick
search and retrieval of recommended results. The approach of analyzing users' textual data to increase
the accuracy and personalization of recommendations will play an important role in improving the user

experience on various online services in the future.
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