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A Deep Learning-based Regression Model for
Predicting Government Officer Education Satisfaction
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Abstract Professional job training for government officers emphasizes establishing desirable values as public
officials and improving professionalism in public service. To provide customized education, some studies are
analyzed factors affecting education satisfaction. However, there is a lack of research predicting education
satisfaction with educational contents. Therefore, we propose a deep learning-based regression model that predicts
government officer education satisfaction with educational contents. We use education information data for
government officer. We use one-hot encoding to categorize variables collected in text format, such as education
targets, education classifications, and education types. We quantify the education contents stored in text format
as TF-IDF. We train our deep learning-based regression model and validate model performance with 10-Fold
Cross Validation. Our proposed model showed 99.87% accuracy on test sets. We expect that customized
education recommendations based on our model will help provide and improve optimized education content.
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Figure 1. Flow diagram of deep learning—based government officer education satisfaction prediction model
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education satisfaction prediction model
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Figure 2. Government officer education satisfaction
prediction result graph: Red X means predicted value and
gray O means actual value
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