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Abstract

In the field of computer vision, models such as You Look Only Once (YOLO) and ResNet are widely used due to
their real-time performance and high accuracy. However, to apply these models in real-world environments, factors
such as runtime compatibility, memory usage, computing resources, and real-time conditions must be considered. This
study compares the characteristics of three deep model runtimes: ONNX Runtime, TensorRT, and OpenCV DNN, and
analyzes their performance on two models. The aim of this paper is to provide criteria for runtime selection for practical
applications. The experiments compare runtimes based on the evaluation metrics of time, memory usage, and accuracy
for vehicle license plate recognition and classification tasks. The experimental results show that ONNX Runtime excels
in complex object detection performance, OpenCV DNN is suitable for environments with limited memory, and TensorRT
offers superior execution speed for complex models.
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OPenCY | 9061 +0.01 pen 0.9882 -0.88
DNN DNN
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