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Encoding Method for ITSC Diagnosis of 3-Phase
Induction Motor using CNN
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Abstract

This paper proposes an efficient fault diagnosis method for ITSC(Inter-Turn Short Circuit) in three-phase
induction motors using CNN. By utilizing only the D-axis component of the D-Q synchronous coordinate
system, it compares SWM(Slide Window Method) and GAF(Gramian Angular Field) methods for image encoding.
Results show GAF achieving ~74% accuracy, while SWM achieves ~65%, indicating GAF's superiority by 9%.
Learning time (~14.74s) remains consistent, particularly with epochs < 100, showcasing faster learning.
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