ISSN : 1226-7244 (Print)

ISSN : 2288-243X (Online) j.inst.Korean.electr.electron.eng.Vol.28,No.2,158~167,June 2024
=3 24-02-06 https://doi.org/10.7471/ikeee.2024.28.2.158
36
O -~
7] A& F= 7= U-net Bd= o83t HI=A|
Yol

F@ 240 BRE WUHH
Residual deposit monitoring of semiconductor back-end

process using U-net model based on the electrical

capacitance
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Abstract

In this study, U-net model based on electrical capacitance is applied to monitor the condition inside the
pipeline of semiconductor rear end process implemented in the numerical simulation. Capacitance values measured
from electrodes attached to the pipeline is used as input data for the U-net network model and estimated permittivity
distribution by the U-net model is used to reconstructed cross-sectional image at the pipeline. In the numerical
simulation, images reconstructed by U-net model, Fully-connected neural network (FCNN) model and Newton-

Raphson method are compared for evaluation. U-net model shows good results as compared to other models.
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Fig. 2. Model architecture for image reconstruction with capacitance value.
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