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Recent advances in sketch based image retrieval: a survey
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Abstract

A sketch is an intuitive means to express information, but compared to actual images, it has the problem of
being highly abstract, diverse, and sparse. Recent advances in deep learning models have made it possible to
discover features that are common to images and sketches. In this paper, we summarize recent trends in sketch-
based image retrieval (SBIR) but it is not limited to SBIR. Besides SBIR, we also introduce sketch-based image
recognition and generation studies. Zero-shot learning enables models to recognize categories not encountered
during training. Zero-shot SBIR methods are also discussed. Commonly used free-hand sketch datasets are
summarized and retrieval performance based on these datasets is reported.
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