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Abstract : With the development of the Internet, the information in our lives has become fast and diverse.
Especially in the field of defense, articles and information are pouring in from various sources every day, and
fast information selection, understanding, and decision—making are required in the ever—changing situation. It
is very cumbersome to go from platform to platform and read articles one by one to get the information you
need. To solve this problem, this research aims to save time and provide quick access to the latest
information by allowing you to quickly grasp key information from summarized content without having to read
the entire article. This can improve efficiency by allowing defense professionals to focus more on important

tasks rather than extensive information search and analysis.
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