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[ Abstract ]

This study analyzed various machine learning models that predict employment outcomes after vocational training using pre-
assessment data of disabled vocational trainees. The study selected and utilized the most appropriate machine learning models based
on a data set containing various personal characteristics, including trainees’ gender, age, and type of disability. Through this analy-
sis, the goal is to improve the employment rate and job satisfaction of disabled trainees using only pre-assessment data. As a result,
it presents a universal approach that can be applied not only to people with disabilities, but also to vocational trainees from a variety
of backgrounds. This is expected to make an important contribution to the development and implementation of tailored vocational
training programs, ultimately helping to achieve better employment outcomes and job satisfaction.

Key Words: Big data analysis, Disability education, Employment outcomes, Linear regression, Logistic regression, Machine learning,
Neural networks, Random forest, Vocational training, XGBoost

http://dx.doi.org/10.14702/JPEE.2024.291 Received 3 April 2024; Revised 22 April 2024
This is an Open Access article distributed under the Accepted 20 May 2024
@ terms of the Creative Commons Attribution Non-
S Commercial License (http://creativecommons.org/ *Corresponding Author
licenses/by-nc/3.0/) which permits unrestricted non-commercial use,
distribution, and reproduction in any medium, provided the original work E-mail: iymoon@koreatech.ac.kr
is properly cited.

Copyright © Korean Institute for Practical Engineering Education 291 http://JPEE.org pISSN: 2288-405X elSSN: 2288-4068



J. Pract. Eng. Educ. 16(3), 291-296, 2024

.M E
F2ZU9 Y o]F o] % AF W3lE 709 7|
ZI%E_ﬂ' 2 FA st =do) = o Ae gL AxEn Yot

ES

CES, A8H % AR o Aok Wl Sk 7
9% A8 AR LA AA2 G o) 42
. L A9 B 22099 4A R 49 o
BARA, SR T s, FALE A B 97
S S A P
= P59,
NG DTN FNAHPEA Aol 25T
S 32199 oIl RS ol E BAsted, Th
o

(o
m{n

olg VMo R TR plAleY BUe BEel EUAE
o AYA} A% §9E A5 WY A xx
23 o) QA ghe zg%w} slo]E| ) A St
3 ol S0 ) el

F g WEHe AUk ot B WAL AR AE
o7l AgHe A%) FE T2 AL olg B4 o
& A9 23k} e A HHES DA A7
Hg wgnk u}aw o o] W2 WA Atk
R A9 £ LI A Bl T 7)x
8 AFE A6IM, RE AR AT BFHE ]
3} FE AL, B S5 HEE AEE AYshe
| 7leig Aoz sgec,

F”l

ﬂﬂ> R s L

)

Il. ol 2 i ZE

A. Hlo|E X2|2t 7|#| &

s

tlolg Heles ZE 7)A sy Z2AE] ot} B
Ao A ALL-F pandas, numpy, 2 openpyxl Z}o] B g=
e dolHE ;@M oz APty BAeE B4 v
ojtt. o]t =S Aol A4 FHA Hlo|H < Ao}
Al H54 O]E] SimpleImputerS AF&3F A=3] 2]g
= dlole 49 S 23St tlolE Y] A

A1

nde] H5e wak A5S B8 BrhEw, ol& B M B. =g Mein} W7}
A3 2dg Mg A dAs EE, doly dAY
W oWs Y I EW A 48e I, JFHons Ag 39, AY FAXE, 24237, XGBoost L A
o] BE HAE B3 Follel THANEY HY HF¥ES =Y A mdy} e thofgt 714 sy daEes &85
T d= S 2S5 7 ATk o] RUSLS Aol FHAY AY e 2 AF F8S
ol A= Folel Y FHEAL o JIPHAA 53, A9 FH T2 I N RIS}l F83 A
o O A HELS BE A A Z2 T4 48d BE AFert
E 1. &ojel ZAME2| Hlo|H
Table 1. Data from disabled trainess
8 Ly mm = o moew O U0 S e @ om e T e
20 14 5 4 52 50 2 109 243 269 83 2 9 2.5 72 60 3 14
20 14 5 13 46 70 2 404 544 898 813 385 532 602 70 47 3 1
20 14 8 4 63 85 77 9.1 704 712 813 815 532 755 83 78 1 4
30 14 5 4 52 65 77 404 83 &7 563 558 404 838 92 66 3 6
20 13 5 1 100 100 % 956 %6 603 928  97.6 948 993 85 73 1 1
20 4 1 1 100 100 % 91.1 813 88 813 918 &9 838 87 72 1 1
20 13 5 4 100 100 % 814 877 603 563 815 89 954 9% 72 1 1
40 2 8 14 54 60 59 8.7 281 39 848 281 848 269 77 60 0 8

http://dx.doi.org/10.14702/JPEE.2024.291 292



A=A HIt HolE{et

C. Hlo|e| Mx{2|2} 213 E

dlo]8 A x]2] A o= StandardScaler 2 OneHotEncoder
£ ARgste] 4] HlolH o AALY B HFF HlolH e W
go] 23 o] rdo] Ho|HE ¢ & olajsta Sy
AN M ] A FFA HolH Y A= Fda
° 2 A= o] HolE] AES] dRS FAta BE g5
o] §848 At

TensorFlowE A3 AW 52 44 dlolg ¢
S g5 F e 58S &t 9] dolE]

2 dle] A5 H7= mean squared_error, 12_score, accuracy
score X classification_report9} 28 X & A-&-3}o] S=3H
th o] AREL RY9] o AT
Hrksh mdl A ek AlA gk

X 20| A9} o] dlolE] A7, ASX] A, tlo|e AAY
2, vlole] 39, /| ASERY, 2428 87, XGBoos,
N7, w AR A5E Aesl

=0
AR B o R/ rES

E2.HoEI e A 2Ee

Table 2. Summary of data techniques and models
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Table 5. Major categories of places of employment
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