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Abstract Recently, the importance of pre-trained language models (PLM) has been
emphasized for natural language processing (NLP) such as text classification, sentiment analysis,
and question answering. Korean PLM shows high performance in NLP in general-purpose
domains, but is weak in domains such as finance, medicine, and law. The main goal of this
study is to propose a language model learning process and method to build a financial-specific
language model that shows good performance not only in the financial domain but also in
general-purpose domains. The five steps of the financial-specific language model are (1)
financial data collection and preprocessing, (2) selection of model architecture such as PLM or
foundation model, (3) domain data learning and instruction tuning, (4) model verification and
evaluation, and (5) model deployment and utilization. Through this, a method for constructing
pre—learning data that takes advantage of the characteristics of the financial domain and an
efficient LLM training method, adaptive learning and instruction tuning techniques, were
presented.
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Table 1 The Construction Process of
Financial-Specific Language Model

Construction o
Description
Process
Financial
data Collect raw data, including text
collection data from the financial domain,
and and perform preprocessing
preprocessing
Establish a model structure and
Model . .
. architecture suitable for the
architecture . . .
. financial domain using PLM and
selection

foundation models.
Domain data Fine-tuning is performed to fit
learning and areas specialized in the financial
instruction domain using adaptation

tuning learning and instruction tuning
Measures task-based evaluation
Model Lo
. indicators such as text
verification L .
d classification, entity name
an .
. recognition, and text
evaluation o
summarization.
Consists of model optimization
Model and light-weighting, API design

deployment and implementation, security
and and authentication system
utilization construction, distribution
automation, and user feedback.
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Indicators

Evaluation L.
L. Description
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