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(An Implementation of Hangul Handwriting Correction
Application Based on Deep Learning)
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Abstract Currently, with the proliferation of digital devices, the significance of handwritten
texts in daily lives is gradually diminishing. As the use of keyboards and touch screens increase,
a decline in Korean handwriting quality is being observed across a broad spectrum of Korean
documents, from young students to adults. However, Korean handwriting still remains necessary
for many documentations, as it retains individual unique features while ensuring readability. To
this end, this paper aims to implement an application designed to improve and correct the quality
of handwritten Korean script The implemented application utilizes the CRAFT (Character-Region
Awareness For Text Detection) model for handwriting area detection and employs the
VGG-Feature-Extraction as a deep learning model for learning features of the handwritten script.
Simultaneously, the application presents the user’'s handwritten Korean script’s reliability on a
syllable-by-syllable basis as a recognition rate and also suggests the most similar fonts among
candidate fonts. Furthermore, through various experiments, it can be confirmed that the proposed
application provides an excellent recognition rate comparable to conventional commercial character
recognition OCR systems.
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Table 1 Experimental Result of Recognition

Success between the Proposed app.

and Conventional Commercial OCRs
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Table 2 Experimental Results for the Recognition Rate of the Proposed Application
user
1 2 3 4 5 6 7 8 9 10 11
sylla
0.01%
q— 73.56% o 99.76% | 99.89% | 96.50% | 38.14% | 99.60% | 99.97% | 99.63% | 76.19% | 98.07%
%],' 96.57% | 45.12% | 100.0% | 100.0% | 100.0% | 100.0%6 | 100.0% | 100.0% | 100.0% | 100.0% | 99.97%
=) 99.13% 6.75% 99.99% | 98.01% | 100.0% | 98.67% | 100.0% | 100.0% | 100.0% | 100.0% | 100.0%
il 99.13% | 98.78% | 100.0% | 100.0% | 100.0% | 100.0% | 99.51% | 100.0% | 99.92% | 99.99% 1.18%
A 100.0% | 100.0% | 100.0% | 99.98% | 100.0% | 99.81% | 100.0% | 100.0% | 100.0% | 100.0% | 100.0%
0.01%
v} _ 99.69% | 97.8% 99.5% 99.78% | 99.86% | 81.32% | 46.08% | 99.98% | 98.15% | 99.95%
ﬂ 99.47% | 99.98% | 99.98% | 94.24% | 100.0% | 60.28% | 99.28% | 97.61% | 73.07% | 94.38% | 99.43%
o] 98.47% | 92.32% 2.22% 98.64% | 99.1% 95.31% | 99.89% | 83.15% | 96.46% | 94.85% | 24.67%
E} 99.99% | 99.94% | 100.0% | 100.0% | 100.0% | 99.14% | 99.98% | 100.0% | 96.28% | 100.0% | 100.0%
0.01%
al 97.13% | 97.31% | 99.99% | 99.99% | 94.22% | 99.99% | 79.64% | 84.73% ) u: 94.64% | 92.13%
TI} 99.88% | 100.0% | 100.0% | 100.0% | 98.76% | 100.0% | 100.0% | 99.79% | 99.99% | 63.77% | 99.81%
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