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Abstract In this paper, we analyzed the impact of temperature and precipitation on agricultural
product prices and predicted the prices of major agricultural products using TensorFlow. As a result
of the analysis, the rise in temperature and precipitation had a significant effect on the rise in
prices of cabbage, radish, green onion, lettuce, and onion. In particular, prices rose sharply when
temperature and precipitation increased simultaneously. The prediction model was useful in
predicting agricultural product price changes due to climate change. Through this, agricultural
producers and consumers can prepare for climate change and prepare response strategies to price
fluctuations. The paper can contribute to understanding the impact of climate change on
agricultural product prices and exploring ways to increase the stability and sustainability of
agricultural product markets. In addition, it provides important data to increase agricultural
sustainability and ensure economic stability in the era of climate change. The research results will
also provide useful insights to policy makers and can contribute to establishing effective
agricultural policies in response to climate change.
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Fresh Food Surges in Prices Due to Long Monsoon
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Fig. 1. Fresh Food Surges in Prices Due to Long
Monsoon
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Expensive Vegetables in Korea!

Radish: Increased by 366% compared to the previous year

Onion: Increased by 116% compared to the previous year

Green Onion: Increased by 190% compared to the previous year

Rice: Harvest significantly decreased due to being submerged by the typhoon
Cabbage: Increased by 80.9% compared to the previous year

Pumpkin: Increased by 172% compared to the previous year

Source: Producer Price Index, August 2020 (Bank of Korea)

Fig. 2. Changes in Vegetable Prices Due to Climate Change
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Fig. 3. Project Configuration Chart
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Fig. 4. KAIMS Data.csv
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Fig. 5. the Meteorological Administration Data.csv
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Fig. 6. The price of vegetables according to
temperature
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Cabbage price at RainFall
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Fig. 7. The price of vegetables according to

precipitation
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