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[Abstract]

With the advent of the Fourth Industrial Revolution, cutting-edge technologies such as artificial
intelligence, big data, the Internet of Things, and cloud computing are driving innovation across
industries. These technologies are generating massive amounts of data that many companies are
leveraging. However, there is a notable reluctance among users to share sensitive information due to the
privacy risks associated with collecting personal data. This is particularly evident in the healthcare
sector, where the collection of sensitive information such as patients' medical conditions poses
significant challenges, with privacy concerns hindering data collection and analysis. This research
presents a novel technique for collecting and analyzing medical data that not only preserves privacy, but
also effectively extracts statistical information. This method goes beyond basic data collection by
incorporating a strategy to efficiently mine statistical data while maintaining privacy. Performance
evaluations using real-world data have shown that the propose technique outperforms existing methods

in extracting meaningful statistical insights.
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Fig. 2. Overview of the proposed framework for collecting and analyzing medical microdata
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V. Experiments and Results
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