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Enhancing Object Recognition in the Defense Sector: A Research Study
on Partially Obscured Objects

Yeong-hoon Kim#*, Hyun Kwon*x*

ABSTRACT

Recent research has seen significant improvements in various object detection and classification models overall.
However, the study of object detection and classification in situations where objects are partially obscured remains
an intriguing research topic. Particularly in the military domain, unmanned combat systems are often used to detec
t and classify objects, which are typically partially concealed or camouflaged in military scenarios. In this study, a
method is proposed to enhance the classification performance of partially obscured objects. This method involves a
dding occlusions to specific parts of object images, considering the surrounding environment, and has been shown
to improve the classification performance for concealed and obscured objects. Experimental results demonstrate that
the proposed method leads to enhanced object classification compared to conventional methods for concealed and ob

scured objects.

Key words : Deep neural network, Defense sector, Concealment and camouflage, Image classification
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