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ABSTRACT

Purpose: This study provides prevention methods by type of construction disaster using text mining
techniques. Method: Based on the database that analyzed the cases of critical disasters in the domestic
construction sector, preventive measures and causes are analyzed by text mining techniques, and the
contents of the analysis are visually shown. Result: This visual data represents the measures for
preventing critical disasters of each process according to the importance. Conclusion: It is believed
that the results will be helpful in identifying factors to be considered in preparing preventive measures

for serious accidents in construction.
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Table 1. Status of deaths of construction workers by type of disaster

o . N TH Al S EERC U
AA) HE)  JUE) HE)  JACY) HE ) JUCE) HR (%) AU HIR(%)
2020 458 236 515 38 8.3 42 9.2 33 7.2 24 52
20219 417 248 595 37 8.9 30 72 26 6.2 25 6.0
4 V41 12 8.0 V1 0.6 V12 V2 V1 V1 1 0.8
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In [98]: tokens = [token for token in my_words if len(token) > 1] In [22]: tokens = [token for token in my_words if len(token) > 1]

In [99]: my_dict = {} In [231: my_dict = {}
for word in tokens: for word in tokens:
ny_dict [word] = my_dict.get{word, 0} + 1 ny_dict [word] = ny_dict.get{word, 0) + 1

sorted_dict = sorted(my_dict, key=ny_dict.get, reverse=True) sorted_dict = sortedny_dict, key=ny_dict.get, reverse=True)
for key in sorted_dict[:300]: for key in sorted_dict[:300]:

print(f {reor(key)} © {ny_dict[kev]}') print(f {repr(key)} : {my_dict [key]}")

print() print()
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Fig. 3. Quantity of morpheme
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