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Implementation of KoBERT-based profanity detection model and FAST API server
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ABSTRACT

This paper presents a study in which a model is built to distinguish between sentences containing profanity and those that
do not, by applying transfer learning to KoBERT (Korean BERT). The model is implemented as a web service using Python's
FAST APL The dataset consists of sentences collected from various online communities and social media platforms, and after
a preprocessing stage, the sentences were labeled based on the presence of profanity. A classification model was built using
KoBERT, and by utilizing transfer learning techniques, high accuracy in profanity detection was achieved. Additionally, a web
service was implemented using FAST API, which processes text data received through POST requests from clients and
returns whether profanity is present or not. This study confirms the potential of using KoBERT for profanity detection and
demonstrates the feasibility of practical application through the implementation of a web service. Future research will aim to
improve model performance by utilizing more diverse datasets and to implement a real-time profanity filtering system.
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