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[ Abstract]

In this paper, a basic machine learning model learning and utilization education curriculum for non-majors is proposed, and an
education method using Orange machine learning model learning and analysis tools is proposed. Orange is an open-source machine
learning and data visualization tool that can create machine learning models by learning data using visual widgets without complex
programming. Orange is a platform that is widely used by non-major undergraduates to expert groups. In this paper, a basic ma-
chine learning model learning and utilization education curriculum and weekly practice contents for one semester are proposed. In
addition, in order to demonstrate the reality of practice contents for machine learning model learning and utilization, we used the
Orange tool to learn machine learning models from categorical data samples and numerical data samples, and utilized the models.
Thus, use cases for predicting the outcome of the population were proposed. Finally, the educational satisfaction of this curriculum
is surveyed and analyzed for non-majors.
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lum development.
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data machine learning models
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Table 4. Data features used to train and predict numerical data
machine learning models
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Table 6. Results of satisfaction survey for non-majors
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