The Journal of the Convergence on Culture Technology (JCCT)
Vol. 9, No. 6, pp.145—150, November 30, 2023, plSSN 2384—-0358, elSSN 2384—0366

http//dx.doi.org/10.17703/JCCT.2023.9.6.145
JCCT 2023-11-18

HAEY 7Nk 234 ESE 2 AREY AebE FAF

Learning

2 o AstEe Agsel APHen olgHt YFuEoE Audm duh 53 250e AW FAo] ATEA
71 wol o g3l dgo] TFH Q= sHOR FHP ANYdE 2& EFER Qs At fFAo] =
A3 Qor, ol AAL ol §SHE AFES] hAMT AAFL AANTh ekl A G4k ) EHE o
Ze wigon ¥ SHER s WAHE BAZ U Bast Ak o 99 ¥ AP FHD A &
A ofRE wEste vled BF Rde Addth A8ATE Fil AsA EPwl FL Fr WS sobel
1, FFUClHEEAA ST AU 254 A5 BHE dolHAe £ vAYYL suste] 254 A5
A oAl W B ARE dF@Th X ATeln Ak &

FR0 : A5k, 254, 2EHT AR, 3=

Abstract The subway is a public transportation that many people use every day. Line 2 especially has the most
crowded stations during the day. However, the risk of crush accidents is increasing due to high congestion
during rush hour and this reduces the safety and comfort of passengers. Subway congestion prediction is helpful
to forestall problems caused by high congestion. Therefore, this study proposes machine learning classification
models that predict subway congestion during commuting time. To predict congestion in Line 2 based in
machine learning, we investigate variables that affect subway congestion through previous research and collect a
dataset of subway congestion on Line 2 during rush hour from PUBLIC DATA PORTAL. The proposed model
is expected to establish the subway operation plane to make passengers safe and satisfied.
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Subway Line 2 Congestion Prediction During Rush Hour Based on Machine Learning
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Figure 1. Flow Chart of Subway Congestion Prediction
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