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Abstract: As satellite technology progresses, a growing number of satellites —like CubeSat and radar
satellites—are available with a higher spectral and spatial resolutions than previous. National initiatives
used to be the main force behind satellite development, but current trends indicate that private enterprises
are also actively exploring and developing new satellite technologies. This special issue examines the
recent research results and advanced technology in remote sensing approaches for Earth environment
analysis. These results provide important information for the development of satellite sensors in the
future and are of great interest to researchers working with artificial intelligence in this field. The special
issue introduces the latest advances in remote sensing technology and highlights studies that make use
of data to monitor and forecast Earth’s environment. The objective is to provide direction for the future
of remote sensing research.
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