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[Abstract]

If there is a defect in the wheel bearing, which is a major part of the car, it can cause problems
such as traffic accidents. In order to solve this problem, big data is collected and monitoring is
conducted to provide early information on the presence or absence of wheel bearing failure and type of
failure through predictive diagnosis and management technology. System development is needed.

In this paper, to implement such an intelligent wheel hub bearing maintenance system, we develop
an embedded system equipped with sensors for monitoring reliability and soundness and algorithms for
predictive diagnosis. The algorithm used acquires vibration signals from acceleration sensors installed in
wheel bearings and can predict and diagnose failures through big data technology through signal
processing techniques, fault frequency analysis, and health characteristic parameter definition. The
implemented algorithm applies a stable signal extraction algorithm that can minimize vibration frequency
components and maximize vibration components occurring in wheel bearings. In noise removal using a
filter, an artificial intelligence-based soundness extraction algorithm is applied, and FFT is applied. The
fault frequency was analyzed and the fault was diagnosed by extracting fault characteristic factors. The

performance target of this system was over 12,800 ODR, and the target was met through test results.

» Key words: Autonomous vehicle, Intelligent vehicle monitoring, Wheel bearing failure diagnostic
module, Fault diagnosis prediction algorithm, analysis, Vibration analysis
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I. Introduction
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II. Preliminaries
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III. Intelligent wheel hub bearing
system design

1. Considerations when designing wheel

bearing systems
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2. Sensor module design and development
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Table 1. Sensor data module data analysis for
vibration data transmission

Module Item Specification Detail
CPU 300Mhz (Min. Sensor data,
120MHz) CAN
256KB 0S, Cor.ltro.l,
Program Communication
Sensor Memory 0S, Control,
Module 1A Communication
2MB (Min.
RAM (25600(0DR) = Sensor Data
6(3Ax.*2Byte) processing
* bsec.
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Fig. 1. Sensor internal function diagram
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2.2 Selection of core algorithms based on vehicle
operation data
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2.3 Data collection and evaluation of applicability
of low-cost MEMS sensors
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3. Development of core algorithm for wheel
bearing failure diagnosis
3.1 Development of wheel bearing vibration
monitoring system
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3.2 Intelligent wheel bearing failure prediction
diagnosis algorithm
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diagnosis algorithm

3.3 Algorithm Testing
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IV. Development and optimization of fault
diagnosis algorithm module
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Table 2. Test result

Sample #1 #2 #3 #4 #5
number

Test result

(count of 2617 2619 2619 2605 2627
data)
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Fig. 15. Test using equipment
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V. Conclusions
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