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[Abstract]

The proposed system in the study aims to detect forest
fires in real-time stream data received from the drone-camera.
Recently, the number of wildfires has been increasing, and
also the large scaled wildfires are frequent more and more.
In order to prevent forest fire damage, many experiments
using the drone camera and vision analysis are actively
conducted, however there were many challenges, such as
network speed, pre-processing, and model performance, to
detect forest fires from real-time streaming data of the flying
drone. Therefore, this study applied image data processing
works to capture five good image frames for vision analysis
from whole streaming data and then developed the object
detection model based on YOLO v2. As the result, the
classification model performance of forest fire images reached
upto 93% of accuracy, and the field test for the model

verification detected the forest fire with about 70% accuracy.

Key word YOLO, Object
Fire-Detection, Vision Analysis.
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Table. 1. Result of forest-fire image detection

Accuracy Recall Precision F1

Value 0.93 0.93 0.95 0.94
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Fig. 2. Forest fire detection results
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Table. 2. Result of real-time forest-fire detection
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