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30 ARNE e g el Anz) gl 3
7ol BEFS F= Y4 A19s9) 17 =

A @

PARHTE T G208 wer} 74
it ool REE SEsE PAET,
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& o orste] B Al gk sfAo]
Jasgk AFelA g AFEEI

B Aol A= A7 Weka) M7 3.8.62 A&
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Aok Aol AHE-H tvlolH & St olE 66%
Ll

o
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A = AdE 2] sgddrES $a5 Z8 WM< ‘house’, ‘make’, ‘run’, ‘update’ &
<E 3> == ¢4
o5
i Good(Y) Bad(N)

Good(Y) a b

Bad(N) ¢ d
455 %) = —0FtD g 2(1)
K (a+b+c+d)
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s R Bl YRS F W A9E BE A7 8 Folas FHoE

=0

T2 EQ e (BRED) we o~ | CI5E
0T T
customer, support, service, job, love, error, return, dust, pet, unit, great,
¥y carpet, update, product, hair, months, back, pretty, bought, time, good, 26 66.91%
Pl wifi, dirt, make, shark, doesn’t

ZolQ house, make, run, update 4 69.75%
- ¥y back, work, great, job, time 5 73.53%
Folg vacuum, good 2 62.5%
P3 ¥y love, floor, app, great, hair, job 6 71.32%
Folg app, room 2 66.67%

b) Zote

3 )
E (720/150)\ @ [ ot [270/90; | g 150750

| Bad (280/7.0) | [ Good (240/40) || Bad (100/40) |

=Y

N
[Good 45.0/180)| | Bad (230/100) |

Good (97 0/310) Bad (24 0/80

Agste] T

69.75%= 7]=2
2o <79 3>9] b)9} 2o} d-3 Fola 041 2 715U A 149

<32 3> P1 AHEO| OiEh S|AIZE LIS 74

_|

=N W M =2 °1]—§°J =, o] Aol &3 F

Skt ojuje] Fota o=
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T3¢ 01]—38 <% 5 01]/\'] A E 4 9t} qZ=8o] 67%E 7|2HUTh U FRES
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<E 5> P AEe WY % Fol2 o5 7

of=zn
o | T - 522t
& ECES 5 o EE
1 customer=Y & carpet=N Bad 48 81%
2 customer=Y & carpet=Y Good 12 58%
3 customer=N & love=Y Good 70 71%
4 customer=N & love=N & error=Y Bad 31 68%
5 customer=N & love=N & error=N & dust=Y Good 41 68%
6 customer=N & love=N & error=N & dust=N & unit=Y Bad 25 72%
7 customer=N & love=N & error=N & dust=N & unit=N & make=Y Bad 29 66%
customer=N & love=N & error=N & dust=N & unit=N & make=N o
ng‘; 8 & product=Y Good 14 86%
customer=N & love=N & error=N & dust=N & unit=N & make=N o
? & product=N & great=Y & back=N Good 24 83%
customer=N & love=N & error=N & dust=N & unit=N & make=N o
10 & product=N & great=Y & back=Y Bad 10 60%
customer=N & love=N & error=N & dust=N & unit=N & make=N o
1 & product=N & great=N & shark=Y Bad 28 75%
customer=N & love=N & error=N & dust=N & unit=N & make=N 5
12 & product=N & great=N & shark=N & time=N Good 45 60%
customer=N & love=N & error=N & dust=N & unit=N & make=N o
13 & product=N & great=N & shark=N & time=Y Bad 23 S7%
14 | house=N & update=Y Good 27 67%
15 | house=N & update=N Bad 186 70%
Folo 16 | house=Y & make=Y Good 72 79%
17 | house=Y & make=N & run=Y Good 97 68%
18 | house=Y & make=N & run=N Bad 24 67%

)

Bad (187.0/70.0) Good (36.0/13.0)

Good (112.0/47.0) Bad (24.0/8.0)

<37 4> P2 AHEO| CfEt olAIEELIR 7
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Ao st Bl thk Al 122 <3 6> [oFslH <3t 7>3 Atk & S0, <& 79
oA RIS = Utk & S0, <& 6>9] 713 1A ‘love® Yolobl 20& Jé—ﬁ}‘?i
19]M  ‘back YoltPQl =& whsid ‘Good’ &2 d| S3l=H], o] &l &k 22
‘Bad’® o S3h=t), o] Ao &3 FHae 2 F 7470019 1% 67717 AA ‘Good ol
T 547101 1% 41707F A ‘Bad ol &3t &3] o ZFo] 91%E 7|2E YTt FEH 79
AZEo] 6% 71FHAL FHeol e Fale FH2E F 4670018 17 387171 A
Flaes T 1077001 2T 727071 AA Al ‘Good’oll &3t < S-E0] 83%= 71553
‘Good’oll &3] J&-E0] 67%E 71SHJY. o

<E 6> P2 AEQ WM U Fol2 o5 7
72 | 74 =7 ofSwm
A 5 HEE
1 back=Y Bad 54 76%
2 back=N & work=Y Bad 39 74%

HA 3 back=N & work=N & great=Y Good 71 76%

4 back=N & work=N & great=N & time=N Good 112 58%
5 back=N & work=N & great=N & time=Y Bad 24 67%
6 vacuum=Y Good 107 67%

oty 7 vacuum=N & good=N Bad 187 63%

8 vacuum=N & good=Y Good 36 64%
a) #H b Zot

Good (46.0/80)

| Bad (1880/730) | | Good (220/5.0)

A
Bad (206.0/58.0)

[ Bad Q0/130) | | Good (14030) |

<32 5> P3 AHEO| Chat olAIEELLR A
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<E 7> P3 %Ol =Ep.|

=0
Tz | T3 H AsE

Zaja 5 HEE

1 love=Y Good 74 91%

2 love=N & app=Y Good 41 1%

. 3 love=N & app=N & job=Y Good 36 61%

4 love=N & app=N & job=N & floor=N Bad 206 72%

5 love=N & app=N & job=N & floor=Y & hair=N Bad 29 56%

6 love=N & app=N & job=N & floor=Y & hair=Y Good 14 79%

7 app=Y Good 46 83%

oty 8 app=N & room=N Bad 188 61%

9 app=N & room=Y Good 22 77%
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<Abstract>

Core Keywords Extraction for Evaluating Online Consumer
Reviews Using a Decision Tree: Focusing on Star Ratings and
Helpfulness Votes

Min, Kyeong Su * Yoo, Dong Hee

Purpose

This study aims to develop classification models using a decision tree algorithm to identify core
keywords and rules influencing online consumer review evaluations for the robot vacuum cleaner
on Amazon.com. The difference from previous studies is that we analyze core keywords that affect
the evaluation results by dividing the subjects that evaluate online consumer reviews into
self-evaluation (star ratings) and peer evaluation (helpfulness votes). We investigate whether the
core keywords influencing star ratings and helpfulness votes vary across different products and
whether there is a similarity in the core keywords related to star ratings or helpfulness votes across
all products.

Design/methodology/approach

We used random under-sampling to balance the dataset. We progressively removed independent
variables based on decreasing importance through backwards elimination to evaluate the
classification model’s performance. As a result, we identified classification models that best predict

star ratings and helpfulness votes for each product’s online consumer reviews.

Findings

We have identified that the core keywords influencing self-evaluation and peer evaluation vary
across different products, and even for the same model or features, the core keywords are not
consistent. Therefore, companies’ producers and marketing managers need to analyze the core
keywords of each product to highlight the advantages and prepare customized strategies that

compensate for the shortcomings.
Keyword: Decision tree; Data mining; Online consumer reviews; Star rating, Helpfulness vote
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