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Deep Learning-Based Speech Emotion Recognition Technology Using
Voice Feature Filters
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Abstract

In this study, we propose a model that extracts and analyzes features from deep learning-based speech signals, generates
filters, and utilizes these filters to recognize emotions in speech signals. We evaluate the performance of emotion recog-
nition accuracy using the proposed model. According to the simulation results using the proposed model, the average
emotion recognition accuracy of DNN and RNN was very similar, at 84.59% and 84.52%, respectively. However, we
observed that the simulation time for DNN was approximately 44.5% shorter than that of RNN, enabling quicker emotion

prediction.

B Keyword : Deep Learning, DNN, RNN, Speech Emotion Recognition
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