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A Survey on Open Source based Large Language Models
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Abstract In recent years, the outstanding performance of large language models (LLMs) trained
on extensive datasets has become a hot topic. Since studies on LLMs are available on
open-source approaches, the ecosystem is expanding rapidly. Models that are task-specific,
lightweight, and high-performing are being actively disseminated using additional training
techniques using pre-trained LLMs as foundation models. On the other hand, the performance
of LLMs for Korean is subpar because English comprises a significant proportion of the
training dataset of existing LLMs. Therefore, research is being carried out on Korean-specific
LLMs that allow for further learning with Korean language data. This paper identifies trends of
open source based LLMs and introduces research on Korean specific large language models;
moreover, the applications and limitations of large language models are described.
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Table 1. Commercial Use of Open-source Large
Language Models

Date Model Developer Commercial
Use
2022.05 OPT Meta X
202207 | BLOOM | HugaingFace 0
collaboration
2022.11 Galactica Meta X
2023.02 LLaMA Meta X
2023.03 Alpaca Stanford X
2023.03 Vicuna LMSYS X
2023.03 GPT4all NomicAl X
2023.04 Dolly Databricks (@)
2023.05 MPT MosaicML (@)
2023.06 Falcon MosaicML O
2023.07 LLaMA2 Meta O
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Table 2. HuggingFace Open LLM Leaderboard as of 27
July 2023
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Model Type Model |(F1-score)
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Jond%tgféap'{g?ﬁﬁ"z‘ finetuned| LLaMA2 |  70.9
E“J’S{‘;ES%TS&%‘_?S% finetuned| LLaMA2 |  70.6
stablityalFIeeWily 1= | finetined| LLaMA1 | 68.7
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Model FoundatlonParameters Training Datasets
Model
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7B, 13B, | Translated Alpaca

KoAlpaca| LLaMA

30B, 65B training dataset
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Table 4. English and Korean LLMs using HellaSwag
benchmark (10-shot) as of 27 July 2023

=0 ds
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Model Lang, | (F1-soons
GPT-4 Multi. 95.3
GPT3.5 Multi. 85.5
LLaMA-65B Eng. 84.2
LLaMA-30B Eng. 82.6
LLaMA-13B Eng. 78.9
Alpaca-13B Eng. 77.6
LLaMA-7B Eng. 75.6
polyglot-ko—-12.8b Kor. 60.98
polyglot-ko-5.8b Kor. 59.79
polyglot—-ko—3.8b Kor. 56.7
polyglot-ko-1.3b Kor. 52.78
KoAlpaca-Polyglot-5.8B Kor. 35.6
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