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Abstract

As Netflix usage has increased due to the COVID-19 pandemic, users’ experiences with the
service have also increased. Therefore, this study aims to conduct topic modeling analysis based
on Netflix review data to explore the changes in Netflix user experience and service before and
after the COVID-19 pandemic. We collected Netflix app review data from the Google Play Store
using the Google Play Scraper library, and used topic modeling to examine keyword differences
between app reviews before and after the pandemic. The analysis revealed four main topics: Netflix
app features, Netflix content, Netflix service usage, and Netflix overall reviews. After the
pandemic, when user experience increased, users tended to use more diverse and detailed keywords
in their reviews. By using Netflix review data to analyze users’ opinions, this study shows the
changes in user experience of Netflix services before and after the pandemic, which can be used

as a guide to strengthen competitiveness in the competitive OTT market.
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