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ABSTRACT

In nuclear power plants, ultrasonic test for pipe wall thickness measurement is used during periodic inspections
to prevent pipe rupture due to pipe wall thinning. However, when measuring pipe wall thickness using ultrasonic
test, a significant amount of measurement error occurs due to the on-site conditions of the nuclear power plant.
If the maximum pipe wall thinning rate is decided by the measured pipe wall thickness containing a significant
error, the pipe wall thinning rate data have significant uncertainty and systematic overestimation. This study proposes
preprocessing of pipe wall thinning measurement data using support vector machine regression algorithm. By using
support vector machine, pipe wall thinning measurement data can be smoothened and accordingly uncertainty and

systematic overestimation of the estimated pipe wall thinning rate data can be reduced.
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