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A study on the classification of various defects in concrete based on
transfer learning
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Abstract For maintenance of concrete structures, it is necessary to identify and maintain various defects. With
the current method, there are problems with efficiency, safety, and reliability when inspecting large-scale social
infrastructure, so it is necessary to introduce a new inspection method. Recently, with the development of deep
learning technology for images, concrete defect classification research is being actively conducted. However,
studies on contamination and spalling other than cracks are limited. In this study, a variety of concrete defect
type classification models were developed through transfer learning on a pre-learned deep learning model, factors
that reduce accuracy were derived, and future development directions were presented. This is expected to be
highly utilized in the field of concrete maintenance in the future.
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