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Abstract The WiFi fingerprint method for location estimation within the home has the advantage of
using the existing infrastructure and estimating absolute coordinates, so many studies are being
conducted. Existing studies have mainly focused on the study of localization algorithms, but the
improvement of accuracy has reached its limits. However, since a wireless LAN receiver such as a
smartphone cannot measure signals smaller than the reception sensitivity of radio signals, the position
estimation error varies depending on the method of processing these values. In this paper, we proposed
a method to increase the location estimation accuracy by pre-processing the received signal data of the
measured wireless LAN router in various ways and applying it to the existing algorithm, and greatly
improved accuracy was obtained. In addition, the preprocessed data was applied to the KNN method
and the CNN method and the performance was compared.
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