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A Study on How to Build an Optimal Learning Model for Artificial
Intelligence—-based Object Recognition

Yang Hwan Seok*

ABSTRACT

The Fourth Industrial Revolution is bringing about great changes in many industrial fields, and among them,
active research is being conducted on convergence technology using artificial intelligence. Among them, the demand
is increasing day by day in the field of object recognition using artificial intelligence and digital transformation
using recognition results. In this paper, we proposed an optimal learning model construction method to accurately
recognize letters, symbols, and lines in images and save the recognition results as files in a standardized format so
that they can be used in simulations. In order to recognize letters, symbols, and lines in images, the characteristics
of each recognition target were analyzed and the optimal recognition technique was selected. Next, a method to
build an optimal learning model was proposed to improve the recognition rate for each recognition target. The
recognition results were confirmed by setting different order and weights for character, symbol, and line recognition,
and a plan for recognition post-processing was also prepared. The final recognition results were saved in a
standardized format that can be used for various processing such as simulation. The excellent performance of
building the optimal learning model proposed in this paper was confirmed through experiments.
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LSTM(Long Short-Term Memory)
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