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Abstract Currently, soldiers enlisted in the military (Army) are receiving measurements (automatic, manual) of body
parts and trying on sample clothing at boot training centers, and then receiving clothing in the desired size. Due to
the low accuracy of the measured size during the measurement process, in the military, which uses a relatively more
detailed sizing system than civilian casual clothes, the supplied clothes do not fit properly, so the frequency of
changing the clothes is very frequent. In addition, there is a problem in that inventory is managed inefficiently by
applying the measurement system based on the old generation body shape data collected more than a decade ago
without reflecting the western-changed body type change of the MZ generation. That is, military uniforms of the
necessary size are insufficient, and many unnecessary-sized military uniforms are in stock. Therefore, in order to
reduce the frequency of clothing replacement and improve the efficiency of stock management, deep learning-based
automatic measurement of body size, big data analysis, and machine learning-based ‘“Personalized Combat Uniform
Automatic Recommendation System for Enlisted Soldiers” is proposed.
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Figure 3. Keypoints tracking in the OpenPose[1], [4]
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Figure 6. Automatic measurement of body size based on
OpenPose API
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IPython 7.8.0 ** An enhanced Interactive Python.

In [1]: runfile('C:/myPyCode/hello_spyder.py', wdir='C:/myPycode')
hello spyder
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Figure 10. Big data analysis and SVYM-Based combat suit size
recommendation
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