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Abstract It was analyzed that the volume of deep excavation works adjacent to existing underground structures
is increasing according to the population growth and density of cities. Currently, many underground structures
and tracks are damaged by external factors, and the cause is analyzed based on the measurement results in the
tunnel, and measurements are being made for post-processing, not for prevention. The purpose of this study is
to analyze the effect on the deformation of the structure due to the excavation work adjacent to the urban
railway track in use. In addition, the safety of structures is evaluated through machine learning techniques for
displacement of structures before damage and destruction of underground structures and tracks due to external
factors. As a result of the analysis, it was analyzed that the model suitable for predicting the structure
management standard value time in the analyzed dataset was a polynomial regression machine. Since it may be
limited to the data applied in this study, future research is needed to increase the diversity of structural
conditions and the amount of data.
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Figure 2. Automated measured data(Time-history data)
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Figure 3. Result of linear regression
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