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Abstract

Stroke is a leading cause of disability and death. The condition
requires prompt diagnosis and treatment. The quality of care provided to patients
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with stroke can vary depending on the availability of medical resources, which

in turn, can affect prognosis. Recently, there has been growing interest in using
machine learning (ML) to support stroke diagnosis and treatment decisions based
on large medical data sets. Current ML applications in stroke care can be divided
into two categories: analysis of neuroimaging data and clinical information-
based predictive models. Using ML to analyze neuroimaging data can increase
the efficiency and accuracy of diagnoses. Commercial software that uses ML
algorithms is already being used in the medical field. Additionally, the accuracy of

Correspondence to

Jin-Man Jung

Department of Neurology, Korea University
Ansan Hospital, Korea University College
of Medicine, 123 Jeokgeum-ro, Danwon-gu,
Ansan 15355, Republic of Korea

Tel: 82-31-412-4882

Fax: 82-31-412-5154

E-mail: drjinmanjung@gmail.com

predictive ML models is improving with the integration of radiomics and clinical
data. is expected to be important for improving the quality of care for patients with

stroke.
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Figure 1. Overview of the application of machine learning in stroke care.
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ML application in ischemic stroke
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