J. Inf. Technol. Appl. Manag. 30(4): 77~86, August 2023 ISSN 1598-6284 (Print)
https://doi.org/10.21219/jitam.2023.30.4.077 ISSN 2508-1209 (Online)

TT Gkl A 17 2 g2E whold Wk £4:
A Azee A3 A

AL =

=3ty - olgds™

Text Mining-Based Analysis of Customer Reviews in Hong Kong
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Abstract

This study conducted sentiment analysis on Hong Kong cinema from two distinct eras, pre-2000 and
post-2000, examining audience preferences by comparing keywords from movie reviews. Before 2000, positive
keywords like ‘actors,” ‘performance,” and ‘atmosphere’ revealed the importance of actors’ popularity and
their performances, while negative keywords such as ‘forced” and ‘violence’ pointed out narrative issues.
In contrast, post-2000 cinema emphasized keywords like ‘scale,” ‘drama,” and ‘Yang Yang, highlighting
production scale and engaging narratives as key factors. Negative keywords included ‘story,” ‘cheesy,” ‘acting,’
and ‘budget,” indicating challenges in storytelling and content quality. Word2Vec analysis further highlighted
differences in acting quality and emotional engagement. Pre-2000 cinema focused on ‘elegance’ and ‘excellence’
in acting, while post-2000 cinema leaned towards ‘tediousness” and ‘awkwardness.” In summary, this research
underscores the importance of actors, storytelling, and audience empathy in Hong Kong cinema’s success.
The industry has evolved, with a shift from actors to production quality. These findings have implications
for the broader Chinese film industry, emphasizing the need for engaging narratives and quality acting
to thrive in evolving cinematic landscapes.
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Table 3> 20 Keywords Extracted and Positive and Negative
Words after 2000
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Similar Words Similarity
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