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with Local Overlap Confidence

Su-Chang Lim' - Jong-Chan Kim~

2 o
A FHL gakel A A Ze Yol annotation© 2 A FEE HE ARE T3l ngQ AlEx9
53X F40 &9t B =wdAe A F4 AL P A AF SAY 99 FE RES AT
4 QuPEFE Aordith TS A HRE F53817] 98 Convolution Neural NetworkE  Siamese
Network 722 UEHAE A AT AA 949 F2& A#l AF AL MEHFAY} TH A= BeS
A g3fo] FA ol &gt Aokt 24 duE]ES Object Tracking Benchmark Hlo]|EAS AE-3le] Al
A5 F33890 31, Success A 3EoNA 69.1%, Precision A EollA 80.3%= =4 &k th

ABSTRACT

Object tracking is used to track a goal in a video sequence by using coordinate information provided as annotation
in the first frame of the video. In this paper, we propose a tracking algorithm that combines deep features and region
inference modules to improve object tracking accuracy. In order to obtain sufficient object information, a convolution
neural network was designed with a Siamese network structure. For object region inference, the region proposal
network and overlapping confidence module were applied and used for tracking. The performance of the proposed
tracking algorithm was evaluated using the Object Tracking Benchmark dataset, and it achieved 69.1% in the Success

index and 89.3% in the Precision Metrics.
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