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Abstract Recently, as the importance of walking in daily life has been emphasized, projects
to guarantee walking rights and create a pedestrian environment are being promoted throughout
the region. In previous studies, a pedestrian environment assessment was conducted using
Jeonju-si road images, and an image comparison pair data set was constructed. However, data
sets expressed in numbers have difficulty in generalizing the judgment criteria of pedestrian
environment assessors or visually identifying the pedestrian environment preferred by
pedestrians. Therefore, this study proposes a method to interpret the results of the pedestrian
environment assessment through data visualization by building a web application. According to
the semantic segmentation result of analyzing the walking environment components that affect
pedestrian environment assessors, it was confirmed that pedestrians did not prefer environments
with a lot of "earth” and "grass,” and preferred environments with "signboards” and "sidewalks.”
The proposed study is expected to identify and analyze the results randomly selected by
participants in the future pedestrian environment evaluation, and believed that more improved
accuracy can be obtained by pre-processing the data purification process.
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Fig. 1 The Road Image of Jeonju-si
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Table 1 The Dataset about image information

file name
1018812121 _ 1018943869_
back_1200.jpg front_1200.jpg
match 16 - 16
selected 4 - 13
tskill_mean 17533487 - 31.260101
tskill_std 2.5794233 - 2.7718810

Table 2 The Dataset about image comparison

pairs and score

left

right

file name

\

1109911035 1110263999
_front_1200 _back_1200
ipg Jpg
mean_
20.313466 26.668543
before
std_
5.1192357 5.0682448
before
result right
mean_
19.024758 27.931713
after
std_
47289864 4.6898752
after
file name A
1109884994 1109895782
_back_1200 _front_1200
Jpg Jpg
mean_
33.493316 17.284411
before
std_
2.8778525 2.7261399
before
result left
mean_
33.537426 17.244826
after
std_
2.85918331 2.71052198
after
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Fig. 2 The Result of semantic segmentation

Table 3 The Result expressed as percentage
of semantic segmentation in Fig 3
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Provide the results of semantic segmentation

Fig. 3 Usecase Diagram about web
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Table 4 The Functions about web

Function Details

- Import the number of times
selected in the pedestrian
environment assessment

Web Page that | - Calculate the total number of

show image images corresponding to the

information number of times selected

- Import image information and
score corresponding to the

number of times selected
- Import image comparison pairs

Web Page that

. and the result of pedestrian
show image .
. environment assessment
comparison .
. - Import image score before and
pairs and score .
after comparisons occur

Import graph of semantic

Web Page that | -

show semantic segmentation results about

segmentation image comparison pairs

42 73
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Fig. 5 Web Page that show image comparison
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Fig. 6 Web Page that show semantic segmentation of comparison pairs
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Fig. 9 Average Graph of the features
image selected from 14 to 16
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