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[Abstract]

Object tracking is a field of signal processing that sequentially tracks the location of an object based on the previous-time location
estimations and the present-time observation data. In this paper, we propose an adaptive scaling neural network that can track and adjust
the scale of the input data with three recursive neural network (RNN) submodules. To evaluate object tracking performance, we compare
the proposed system with the Kalman filter and the maximum likelihood object tracking scheme under an one-dimensional object
movement model in which the object moves with piecewise constant acceleration. We show that the proposed scheme is generally better,
in terms of root mean square error (RMSE) performance, than maximum likelihood scheme and Kalman filter and that the performance

gaps grow with increased observation noise.
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Fig. 1. The structure of the proposed neural network
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