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Algorithm for Minimum Degree Inter-vertex Edge Selection
of Maximum Matching Problem
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Abstract This paper deals with the maximum cardinality matching(MCM) problem. The augmenting path
technique is well known in MCM. MCM is obtained by O(vnm) time complexity augmenting path
algorithm for the general graph, and O(mlogn) algorithm for the bipartite graph. On the other hand, this
paper suggests O(n) linear time algorithm. The proposed algorithm based on the basic principle of as
possible as largest selected inter-vertex edges in order to obtain the MCM. This paper simply selects
edge {u,v} that the minimum degree vertex u and minimum degree vertex v in N(u) »(G@)=k times
iteration. For various general and bipartite graphs experimental data, this algorithm can be get the v(@)

exactly.
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Table 1. Performance of MDVESA
s | R A W) | s
G, At n=6 3 - 2 2
G, At n =6 3 - 3 3
Gy | d¥tn=38 4 - 4 4
G, olE iy - 5 5 5
G ol% K5 - 5 5 5
G ol K5 - 5 5 5
Gy Ut n =18 9 - 8 8
Gy olE Ky - 6 5 5
Gy |g¥tn=11 5 - 5 5
Gy olF Ky - 8 8 8
Gy olE A - 5 5 5
Gy | °1% Kg; - 5 5 5
Gis ol& Ay - 3 3 3
Gy olF K3 - 3 3 3
G; olE Ky - 5 5 5
G olF K5 - 4 4 4
Gy, olF K, - 5 5 5
Gl8 O]v‘:—,— [(5.3 - 3 3 3
Gy | °1% K5 - 5 5 5
Gy olF K5 - 5 5 5
Gy olE Kip,10 - 10 10 10
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