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Machine Learning Approach for Prediction of VOD Usage
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Abstract This study developed a model for predicting the number of VOD uses of IPTV, an online market in
the film industry. A machine learning-based prediction model was established using the VOD wusage data
collected by the Korean Film Council from 2017 to 2021. Through literature research and cluster analysis, the
difference between the offline market and the online market is revealed, and a new category of VOD usage is
proposed. The purpose is to help IPTV companies establish marketing strategies as well as support
decision-making by developing a machine learning-based VOD usage prediction model.
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Table 5. Model Performance Assessment
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