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Abstract Research on artificial intelligence based on SNN (Spiking Neural Networks) is drawing attention as a
next-generation artificial intelligence that can overcome the limitations of artificial intelligence based on DNN
(Deep Neural Networks) that is currently popular. In this paper, we describe the structure of the SNN compiler,
a system SW that generate code from SNN description for neuromorphic computing systems. We also introduce
the algorithms used for compiler implementation and present experimental results on how the execution time
varies in neuromorphic computing systems depending on the the mapping algorithm. The mapping algorithm
proposed in the text showed a performance improvement of up to 3.96 times over a random mapping. The
results of this study will allow SNNs to be applied in various neuromorphic hardware.
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Table 2. A communication overhead simulation results based on the number of SA iterations
Estimated . . . .
Spike Comm. Time Speedup Compile Time
Random Mapping 22229770 cycles -

SA Mapping (1000¥) 16429721 cycles 1.35x 212s

SA Mapping (10000%1) 10707136 cycles 2.08x 1865s

SA Mapping (1000009) 318103 cycles 3.9%6x 16225s
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