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Abstract

Purpose — The purposes of this research are: (1) Building and testing a research model that integrates Theory of
Reasoned Action (TRA) with fear, perceived risk, and health protocols; (2) Examining the impact of compliance
with health protocols on consumer behavior when offline shopping.

Research design, data, and methodology — The data collection uses the self-administered survey method, and the
questionnaire is distributed online. A total of 504 Indonesian population aged 18 years old or more participate in
this research. Data are analyzed using factor analysis, multiple regression, and multiple regression with interaction.

Result — This study reveals several findings: (1) Attitude and subjective norm have a significant effect on offline
shopping behavior; (2) fear has a direct and indirect effect on offline shopping behavior; (3) the effect of perceived
risk on the intensity of offline shopping is determined by compliance with health protocols.

Conclusion — This paper discusses the direct influence of attitudes and subjective norms on behavior. This research
also integrates fear, perceived risk, and health protocol factors in TRA, which may not have been done much,
especially in the COVID-19 pandemic context.
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1. Introduction

The human-to-human transmission, which is identified as the cause of the rapid corona virus spreading (Liu et al.,
2020; Chaplin, 2020), caused many governments to impose strict social restrictions. Such as limiting activities, putting
people in quarantine, stopping activities in public facilities such as schools, forbidding people to gather on a large
scale (Anderson et al., 2020; Farooq et al., 2020). The drastic changes in the external environment caused by COVID-
19, followed by government policies, have various effects on the business of the retail industry. Retail e-commerce,
which has proliferated in recent times, and continues to operate during a pandemic, is generally less reliable by
entrepreneurs as a solution to reduce the impact felt by offline retail because the proportion of offline retail sales is
still much higher than e-commerce. In 2020 offline retail sales in the United States 85.5% of total retail sales (U.S.
Bureau of the Census, 2020); the United Kingdom 72.5% (Rhian, 2020); Germany 88.8% (von Abrams, 2020a);
France 87.8% (von Abrams, 2020b); Canada 91.3% (Briggs, 2020); and Latin America 94.4% (Ceurvels, 2020). In
other words, if the pandemic continues and the government is forced to take a policy of closing land-based retail, the
retail business will continue to suffer.

Sarkar and Das (2017) revealed that consumers' shopping methods depend on their desire. Some consumers prefer
to shop in traditional land-based retail stores because they like personal interaction with sales assistants and can make
physical contact with products (Levin et al., 2005), have an authentic experience (Sarkar and Das, 2017), conduct
physical evaluations directly from the product they want (Levin et al., 2003). Not only that, consumers go to retail
stores for socializing, diversion, utilitarianism (Jin and Kim, 2003), and recreation (Tiwari and Abraham, 2010). These
reasons for choosing offline shopping are what consumers should avoid during the COVID-19 pandemic. Moon et al.
(2021) revealed that the COVID-19 pandemic increased consumers' desire not to meet others. However, the fact shows
that when the government of a region/country permits the operation of malls, shopping centers, supermarkets, or
traditional markets, consumers are still busy visiting, even though they cannot be aligned with normal conditions. This
phenomenon shows the high need for consumers to physically visit retail stores, including in risky conditions.

In studying the phenomenon of consumer behavior, researchers usually use the well-known theory of reasoned
action [TRA] (Fishbein and Ajzen, 1975). Behavior arising from the intention to behave and intentions to perform
certain behaviors is explained by two constructs: attitudes and subjective norms (Fishbein and Ajzen 1975). However,
the literature warns of an 'intention—behavior gap' (Sheeran and Webb, 2016; Sniehotta et al., 2005), so it is advisable
to investigate and describe the gap by exploring the factors that influence actual behavior (Chekima et al., 2017;
Janssen, 2018; Shamsi et al., 2020), and studied additional theoretical frameworks and constructs (Tandon et al., 2020).
In other words, researchers must be careful in interpreting a study that only focuses on the intention to behave because
the intention is not automatically translated into a behavior. Sheeran (2002) revealed that although intention has a
significant effect on behavior, the contribution of intention to explain behavior variation, which is indicated by the
coefficient of determination, is relatively low, which is 0.28 on average.

In TRA, intention to behave predicts future behavior, so researchers have difficulty use the construct of intention
and behavior simultaneously because they have to collect data at different times (Tweneboah-Koduah et al., 2019;
George, 2004). It is what causes the literature to provide more insight into intention than actual behavior. By
considering some of the literature above, this research will focus on the actual behavior of consumers in offline
shopping. Several theories, such as the knowledge-attitude-behavior (KAB) model (Kallgren and Woods, 1986) and
the attitude-behavior-context (ABC) theory (Guagnano et al., 1995), have described a direct relationship between
attitude and actual behavior.

Another limitation of TRA in previous studies is in explaining behavior. The contribution of attitude and subjective
norm in explaining the variation of behavior is relatively low so that it has limited predictive capability (Sniehotta et
al., 2014). Therefore, many previous studies recommend adding another relevant variable to enhance predictive power
(Mondéjar-Jiménez et al., 2016; Russell et al., 2017. For this purpose, this study will integrate TRA with several
variables relevant to conditions. during the COVID-19 pandemic. Consumers could not go to the grocery stores due
to their country's lockdown restrictions or their fear of contagion (Sheth, 2020). The threats brought by COVID-19,
especially morbidity and mortality, along with their effects, have caused anxiety and fear among individuals
worldwide (Ahorsu et al., 2020). Besides, when a person faces two factors: uncertainty and negative consequences,
then a person's subjective perceptions of risk arise or known as perceived risk (Yuksel and Yuksel, 2007; Lu et al.,
2005). Furthermore, Hong and Cha (2013) state that the higher the negative consequences and uncertainties, the higher
the perceived risks. It causes retail sales to decrease sharply due to fears of infection, causing people to stay at home,
refraining from external activities, and social distancing (Moon et al., 2021). The protection motivation theory [PMT]
(Roger, 1975) explains a person's motivation in responding to threats or dangers. The threat related to the COVID-19
pandemic is exposure to the corona virus, which creates fear and perceived risk. In responding to these threats, a
person will avoid everything that can expose him to COVID-19, one of which is offline shopping.
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Even though they have strict social restrictions, some people can still carry out activities outside the home, including
offline shopping. Outside activities mean having the opportunity to contact other people, making it a high possibility
of COVID-19 transmission. To reduce the transmission risk, especially for those who are active outside the home,
WHO (2020) recommends the public to comply with health protocols: (1) washing their hands frequently; (2) wearing
masks properly; and (3) keeping a distance from other people. So, complying with health protocols, it is possible to
reduce fear and perceived risk to encourage someone to shop offline.

Based on the explanation above, the research based on TRA and PMT has two objectives, namely:

(1) Integrating TRA with fear and perceived risk in studying offline shopping consumer behavior and testing the
research model formed.

(2)  Studying the impact of compliance with health protocols on consumer behavior when offline shopping.

2. Literature Review

2.1. Theory of Reasoned Action (TRA)

Fishbein and Ajzen (1975) explained that behavior arises from the intention to behave. Ajzen (2001) stated that
the intention to behave indicates that someone is ready to show behavior. Intentions to perform certain behaviors are
explained by two constructs: attitudes and subjective norms (Fishbein and Ajzen 1975). Rex et al. (2015) and Tucker
et al. (2020) defined attitude as representing individual assessment toward behavior, whether positive or negative.
Meanwhile, Fishbein and Ajzen (1975) defined subjective norms as social pressures enforced by considered important
people, such as family members, friends, and work colleagues. Meanwhile, Hagger (2019) interpreted that the
subjective norms indicate the beliefs of significant others who would want them to act the behavior.

Various concepts and previous studies explained in the literature review show the vital role of intention to behave
in predicting behavior. However, to use the two constructs simultaneously in a model, the researcher must collect data
at different times because the intention to behave is predicting future behavior. George (2004) stated an exact time
frame between when the intention is calculated and when actual behavior is deliberated. Surveys that collect data on
intention and behavior simultaneously should not place these two variables in one model (Tweneboah-Koduah et al.,
2019).

KAB model (Kallgren and Woods, 1986) and ABC theory (Guagnano et al., 1995) explain the direct influence
of attitude on consumer behavior. Based on these two theories, our research studies respondents' behavior towards
offline shopping, where data is collected through a specific time survey. Besides, offline shopping is a behavior that
many people have practiced. Therefore, the researcher does not include the intention to shop offline in the TRA model
but directly on the behavior in offline shopping.

2.2. The Protection Motivation Theory (PMT)

This theory describes the individual's cognitive process when confronted with risky outcomes, which initially
focused on health research (Hudson et al., 2020). Protective motivation is a person's reaction to a threatening or
dangerous situation and can lead to positive behavioral changes to overcome it (Roger, 1975). When an individual
gets a message that threatens his safety or health, the individual changes his actions to eliminate the threat. Thus, it
can be stated that individuals protect themselves by changing their actions (Maddux et al., 1983). In the context of this
research, the threat faced by consumers is exposure to the corona virus. This threat creates fear and perceived risk in
consumers. To protect themselves, consumers will change their behavior, including not doing offline shopping.

2.3. Fear

Fear has an essential role in a significant threat situation (Leppin and Aro, 2009). The response that appears due
to a threat is a form of visceral emotion, particularly negative cases, such as harmful emotions or bad states of feeling
(Loewenstein, 2000). The trigger for the emergence of a negative emotional response is a relatively specific stimulus
(Geer, 1965; McFarland, 1987), or a single, prominent threat (Bay and Algase, 1999; Pavuluri et al., 2002), from just
a person's negative facial expressions to sudden environmental changes (Bay and Algase, 1999), including the
COVID-19 pandemic. Fear is a reaction to external stimuli (Pavuluri et al., 2002), which directs a person to a specific
behavior (Bay and Algase, 1999), especially removes from potentially dangerous situations or reduces or avoids risks
(Zeelenberg et al., 2008; Weber, 2006). So, fear is a human "defense tool" for survival, even though fear can cause
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discomfort, anxiety, stress, and even depression. The existence of a protection and defense system in humans caused
by fear will be reflected in changes in one's behavior.

All of the world's population may receive terrifying information about the threats brought by COVID-19,
especially morbidity and mortality, along with their effects. This information leads to the emergence of anxiety and
fear among individuals worldwide (Ahorsu et al., 2020). Fear as a self-protection method (Weber, 2006; and
Zeelenberg et al., 2008) develops defensive emotions (Boyatzis and Akrivou, 2006) and encourages many
compensatory processes and behaviors to decrease anxiety (Greenberg et al., 1997). On the other hand, Izard (1991)
revealed that fear is a compelling emotion that affects perceptions, thoughts, and behavior.

2.4. Perceived Risk

Perceived risk is subjectively in making choice behavior (Bauer, 1960), which begins when a person faces two
factors: uncertainty and negative consequences (Lu et al., 2005; Cox and Rich, 1964). Pavlou (2001) defines risk as a
subjective estimate of losses incurred due to behavior to get the desired results. Perceived risk is threat appraisal,
which can be interpreted as perceived vulnerability and perceived severity (Hudson et al., 2020). Risk can be viewed
as an assessment instead of a reality that relies on the information and accepting individual (Aven and Kristensen
2005). Research has demonstrated that personal risk perception can encourage interpersonal interactions, which brings
to the behavioral difference (Lee and Kotler, 2011; Paek et al., 2016) and motivates behaviors that respond to the
potential risk (Rimal and Real, 2003). A high-risk perception brings a high chance of attempting action to deal with
the threat (Kraus and Slovic 1988). In contrast, a controllable risk perceived is viewed as less alarming (Slovic et al.
1984; Slovic 1987).

Perceived risk is a vital element in various theories, such as the risk perception attitude framework (Rimal, 2001),
the extended parallel process model (Witte, 1992), protection motivation theory (Rogers, 1983), and the health belief
model (Rosenstock, 1992). 1974), use risk perception as an essential construct in major behavioral change theories.
These theories have a general premise that threat messages develop personal risk perception (Hudson et al., 2020),
and bringing behavioral difference (Lee and Kotler, 2011; Paek et al., 2016). Various studies have also been conducted
to study the effect of perceived risk on consumer behavior, such as decision making to choose (Conchar et al., 2004),
customer's satisfaction (Habel and Klarmann, 2014; Martin et al., 2015), and loyalty (Usman et al., 2004). al., 2020;
Mulia et al., 2020).

Referring to Yuksel and Yuksel (2007), this study describes perceived risk as individuals' perceptions of the
negative consequences associated with COVID-19 transmission. Hong and Cha (2013) stated that the higher the
negative consequences and uncertainties, the higher the perceived risks. The transmission of COVID-19 is recognized
as a human-to-human transmission (Liu et al., 2020; Chaplin, 2020), so the ideal way to avoid risk is not to interact
with other people.

2.5. Health Protocol

To prevent and abolish the escalation of COVID-19, many governments worldwide adopt strict social restrictions,
with movement limitation, quarantine people, public services closure, and large public gatherings. (Anderson et al.,
2020; Farooq et al., 2020). The strict social restriction policy still provides opportunities for residents to do activities
outside the home, which means the possibility of contact with other people, which can result in contracting COVID-
19. To minimize transmission of the virus, especially for residents who are active outside the home, the government
requires the public to comply with health protocols recommended by WHO, namely: (1) Washing hands properly
regularly using water and soap or a hands-on agent; (2) Wearing masks properly to cover mouth and nose when in
public places; and (3) keep a distance from other people.

According to PMT, fear and perceived risk encourage action to protect oneself. Addo et al. (2020) revealed that
the increased fear is closely related to the escalation of compliance behavior if the causative factor previously alerts
the recipient about the potential harm. Thus, it can be said that fear and perceived risk will encourage consumers to
comply with health protocols to protect themselves. When fear and perceived risk are reduced, it is possible for
consumers to feel safe to do offline shopping. In other words, at the same level of fear, consumers with a high level
of compliance with health protocols have a higher tendency to shop offline than consumers with a low level of
compliance with health protocols.
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3. Methodology
3.1. Research Model & Hypotheses

The research model can be seen in Figure 1.

Attitude

Subjective
MNorm

Figure 1: Research Model
Based on explanation on literature review, this study proposes hypotheses as follow:
Hypothesis 1: Consumers' positive attitude has a significant impact on offline shopping
Hypothesis 2: Subjective Norms that support consumers have a significant impact on offline shopping
Hypothesis 3: The fear of being exposed to the corona virus has a negative impact on offline shopping behavior.
Hypothesis 4: Attitude mediates the relationship between fear of being exposed to the corona virus and offline
shopping behavior.
Hypothesis 5: Perceived risk has a negative effect on offline shopping behavior.
Hypothesis 6: Attitude mediates the relationship between perceived risk and offline shopping behavior.

Hypothesis 7: The impact of fear on offline shopping is determined by adherence to health protocols.

Hypothesis 8: The impact of perceived risk on offline shopping is determined by adherence to health protocols.

3.2. Data

The target population in this study is the Indonesian population 18 years or more. In an erratic condition threatened
by the COVID-19 crisis, online data collection is preferable. Indonesia did not implement a lockdown but implemented
large-scale social restrictions, where vital sectors such as groceries are still open even with time restrictions and
limitation on number of customers. Purposive sampling is applied in this study. To avoid samples that are closely
related to researchers, such as family, relatives, or friends, the researcher selects the sample in sequence. First, the
researcher set 25 agents who were not close friends with the author, with varying occupational and educational
backgrounds. The researcher asked them to redistribute the questionnaire to three respondents. Then, the three
respondents were asked to redistribute the questionnaire, each to 3 other respondents, and continued spreading until
the end of the data collection period. Of the 531 respondents who accessed and filled out the questionnaire, only 504
are complete. The results of data collection on 504 respondents show quite varied characteristics (See Table 1).
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Table 1: The Respondent's Characteristics

Variables Percentage Variables Percentage
Gender Education
Male 52.6 Higher 81.2
Female 47.4 Secondary 18.1
Age (Years) Lower 0.2
18-20 10.5 | Income Level Per Month
21-25 22.4 <2 Million IDR 18.7
26-30 14.9 2,000,000 — 4,000,000 IDR 10.1
31-40 26.6 4,000,001 - 7,000,000 IDR 153
41-50 11.7 7,000,001 - 10,000,000 IDR 21.4
51 and above 13.9 10,000,001 - 15,000,000 IDR 13.5
Marital Status 15,000,001 - 25,000,000 IDR 11.7
Married 53.6 Above Rp. 25 million IDR 11.1
Single 46.4 | Occupation
Religion Working in private company 40.7
Muslim 786 Slﬁlﬂsig;/;nts / government-owned company / Police 258
Protestant 10.2 Students 20
Catholic 6.2 Self-employed 9.5
Hindu 0.8 do not work 4.8
Buddist 3.8
Other 0.2

3.3. Variable measurements

The measurements of all variables in this research are adapted from previous studies (see Table 2). The consumer
behavior used in this study is the intensity of offline shopping for the last three months. A five-point Likert scale
ranging from "1 = very strongly disagree" to "5 very strongly agree" is used to measure Perceived Risk (PR), Attitude
(ATT), and Subjective Norm (SN). The Fear and Health Protocol (HP) is measured using a five-point semantic

differential scale ranging from "1 = never" to "5 always", while offline shopping (Shop) is measured using a five-
point scale ranging from "1 = never to" 5 = often ".

3.4. Analysis method

Before creating a regression model, factor analysis is carried out on the unobserved variables. Hair et al. (2014)
state that Factor Analysis in principle can be used to group correlated variables or statement items by minimizing the
correlation between groups. Also, Factor Analysis will provide a score that can be used to create a regression model.
The result of factor analysis shows that several statement items (Fear3, PR1, PR2, ATT1, ATT3, SN4, Shop1, and
Shop3) have a factor loading (FL) less than 0.5, which means those statement items are not valid (Hair et al., 2014),
and must be reduced. The data processing results are presented in Table 2, which shows that KMO, MSA, Bartlett's
test, and Eigenvalue indicate the sample's adequacy for factor analysis, as suggested by Hair et al. (2019).
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Table 2: Results of Factor Analysis

Cg‘;it:::t/ Item Statements MSA Statistics
Wash your hands properly using soap and water or
Health HP1 a hands-on kit 640 | KMO = .661
Protocol Wear a mask properly to cover the mouth and nose Bartlett's test = 253.439
, ; ; . igen Value = 1.
(WHO HP2 when in public 630 | Bigen Val 1.853
. 0/ —
2020) HP3 Try avoiding crowds, or contacting other people 707 Variance (%) = 61.760
Fearl I am terrified of Coronavirus-19 702
Fear Fear2 Thinking about the Corona-19 virus makes me 757 KMO =.739
¢ uncomfortable. ) Bartlett's test = 715.595
(Ahorsu et . _
al., 2020) Fear4 | I fear losing my life due to coronavirus-19 721 | Eigen Value =2.581
" - - - Variance (%) = 64.514
My heart is pounding when I think about the
Fear5 . .802
corona-19 virus
Perceived | s | people which can cause me fo be exposed to the | 500 | KMO = 500
Risk Eoré)na virus P ' Bartlett's test = 230.901
(Dipa et al., - - - - Eigen Value = 1.607
2020) PR4 Offline shopping puts me in a crowd Whlch can 500 | Variance (%) = 80.372
cause me to be exposed to the corona virus
. Offline shopping is an important activity even
é}“t“de t ATT2 | 4ring the Covid-19 pandemic 726 | kMO = 684
sman ¢ Offline shopping is a fun activity even during the Bartlett's test = 343.945
al., 2020; ATT4 . . 670 | . _
Pike and COVl.d-19 pand@mlc‘ ‘ . E1g§n Vahtl)e =1.989
Ryan, 2004) | ATTS Ofﬂme shopplng is still safe even during the 665 Variance (%) = 66.285
covid-19 pandemic
Subjective My family and friends prefer to shop offline even
SN1 . . . 739
Norm during the covid 19 pandemic
- - — KMO = .688
(Usman et The person 1 often agree with his/her opinions , _
. . L Bartlett's test = 388.818
al., 2020; SN2 thinks that offline shopping is necessary even .660 . _
. . . . Eigen Value = 2.042
Khatimah during the covid 19 pandemic . B
. - - - Variance (%) = 68.067
and Halim, SN3 Others can influence me to shop offline still 678
2016) needed even during the covid 19 pandemic. )
Frequency of visiting supermarkets in the past
Shoppi Shop2 three months 715 KMO = .676
opping Frequency of visiting shopping centers in the past Bartlett's test = 316.653
offline Shop4 .675 . _
(Shop) three months E1g§n Value = 1.950
Frequency of visiting the mall in the past three Variance (%) = 64.984
Shop5 months .650

After obtaining the factor analysis score, the multiple regression models with interactions is applied to test the

statistical hypothesis, as follows:

Model(1):

Shopi = Poz + P12 ATT; + B2z SNi + P32 Feari + Bs2 PRi + Ps2 Feari* HP; + Be2 PRi* HP; + g

Model(2):

ATTi=Por + P11 Fear; + B21 PR; + &1

4. Results

Model (1) produces an R2 of 0.24, which can be interpreted that the explanatory variable contributes 24% to explain
variations in the intensity of offline shopping. Furthermore, using the 10% level of significance, the statistical
hypothesis test results on Model (1) reveal that attitude, subjective norm, and fear significantly affect the intensity of
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offline shopping (see Table 3). It can be concluded that the data support H1, H2, and H3. However, the data do not
support H5, which means that PR has no significant effect on the intensity of online shopping. The results of hypothesis
testing also show that the effect of PR on offline shopping is moderated by HP (data supports 8). However, HP does
not moderate the impact of fear on offline shopping (data does not support H7). So it can be said that the effect of PR
on the intensity of offline shopping depends on the high or low HP, but the effect of fear on the intensity of offline
shopping does not depend on the HP.

Table 3: Results of Regression Model (1)

Variables B Stdr Error t-statistics p-value
Constant .025 .042 .588 557
HP .006 .048 127 .899
Fear -.079 .041 -1.893 .059
PR .046 .045 1.027 305
ATT 405 .041 9.786 .000
SN .100 .043 2.323 .021
HP*Fear .007 .042 .180 .857
HP*PR -.069 .035 -1.958 .051

Model (2) produces an R2 of 0.026, which can be interpreted that fear and perceived risk contribute to 2.6% to
explain variations in the intensity of offline shopping, and the rest are explained by other variables that are not taken
into account in the model. Furthermore, the results of statistical tests using a significant level of 10% can be seen in
Table 4. Fear and PR have a significant influence on attitudes towards offline shopping, which means the data supports
H4 and H6. Thus, attitude mediates the relationship between Fear and PR with the intensity of offline shopping. These
results also show that fear has a direct and indirect effect on the intensity of offline shopping, and PR only has an
indirect effect on offline shopping through attitude.

Table 4: Results of Regression Model (2)

Variables B Stdr Error t-statistics p-value
Constant .000 .044 .000 1.000
Fear -.106 .045 -2.367 .018
PR -.141 .045 -3.139 .002

5. Discussions

Attitude and the subjective norm have a significant positive effect on the intensity of offline shopping consumers
for the last three months. These results indicate that attitude and subjective norms can explain behavior directly without
going through intention. Fleseriu et al. (2020) stated that buying interest may not translate into actual consumption for
various reasons, leading to an intention-behavior gap (Eberhardt, 2021). To avoid this, if consumers have carried out
the behavior, we recommend studying the behavior rather than just intention.

Fear has a significant negative impact on the intensity of shoppers in traditional land-based retail stores, either
directly or indirectly through attitude. Avoiding offline shopping is a self-protective behavior, as stated in PMT (Roger,
1975). This result is also in line with Izard et al. (1991) that fear changes behavior and affects attitudes. Meanwhile,
the results of this study also found that adherence to health protocols did not moderate the impact of fear on the
intensity of offline shopping. It can be interpreted that consumers who have a high level of fear tend not to shop offline,
whether they have a high or low level of compliance with health protocols. Adherence to health protocols can be
viewed as a behavior to protect themselves and reduce fear, as stated by Zeelenberg et al. (2008), Paek et al. (2016),

32



Hardius Usman,Nucke Widowati Kusumo Projo, Chairy Chairy / Fourth Industrial Review 2(2), pp.25-37.

and many more, which can encouraging consumers to shop offline. However, this study reveals that the behavior to
protect themselves and reduce fear is not enough to encourage consumers to shop offline.

Perceived risk has no significant effect on the intensity of offline shopping consumers. This result is not in line with
that stated by Kraus and Slovic (1988) that a high-risk perception brings a high chance of attempting action to deal
with the threat, and Slovic et al. (1984); and Slovic (1987) that a controllable risk perceived is viewed as less alarming.
This research indicates that some consumers who perceive high risk continue to shop offline, and some consumers
who perceive low risk do not shop offline. This condition may be explained by the significant negative effect of
perceived risk on offline shopping when moderated by the health protocol. These results can be interpreted that in the
consumer group with high adherence to the health protocol, perceived risk has a significant effect on preventing
consumers from offline shopping, compared to the consumer group with low adherence to the health protocol. In the
consumer group with low adherence to health protocols, there is no longer a relationship pattern between perceived
risk and the intensity of offline shopping. It is why perceived risk has no significant effect on the intensity of online
shopping.

Consumer compliance with health protocols is a behavior to reduce potential risk, which will encourage consumers
to shop offline. However, this study revealed that consumers with the same perceived risk tend not to shop physically
if they have high adherence to health protocols. In addition, although the perceived risk does not directly affect the
intensity of offline shopping, this variable has an indirect effect, mediated by attitude. The regression coefficient is
negative, and it can be interpreted that perceived risk plays a role in forming a negative attitude, which negatively
affects the intensity of offline shopping.

6. Conclusions

This study provides several conclusions: First, attitude and subjective norm have a significant influence on offline
shopping behavior, and attitude is a moderating effect of fear and perceived risk on the intensity of offline shopping.
The comparison of the regression coefficients between variables shows that attitude has the most significant influence
on the intensity of offline shopping. Thus, it can be stated that attitude is the key to encourage the behavior. Second,
fear has a direct effect on the intensity of offline shopping. Fear also has indirect effect through attitude on the intensity
of offline shopping. High or low consumer compliance with health protocols does not impact the effect of fear on the
intensity of offline shopping consumers. Third, the effect of perceived risk on the intensity of offline shopping depends
on compliance with health protocols. Perceived risk has a significant negative effect only on the consumer group with
high adherence to the health protocol. Fourth, compliance with health protocols is not enough to give consumers a
sense of security to shop offline. Furthermore, it does not encourage consumers to shop offline.

6.1. Theoretical Implication

In TRA (Fishbein and Ajzen, 1975), attitude and subjective norms affect behavior through intention to behave.
However, our study reveals that attitude and subjective norms can directly influence behavior. Given that people do
not always do what they intend to do (Sheeran and Webb, 2016), in research that focuses on intention, practitioners
and decision-makers must carefully translate intention into behavior. The use of intention to behave as a basis for
decision-making can result in misleading decisions. Therefore, this study suggests, if behaviors have been carried out,
such as offline shopping in this study, it is best to use behaviors right away.

Even though attitude and subjective norm are the most important predictors of intention and behavior (Tucker, 2017,
Paul et al., 2016; Zhou et al., 2013; Foscht et al., 2009), however, after three variables have been added, the regression
model only gives a coefficient of determination (R2) value of 20.4%. It can be interpreted that the variables that are
not taken into account in the model have a much higher contribution. Therefore, various other relevant variables are
needed to be integrated with TRA to enhance predictive power, as stated by Mondéjar-Jiménez et al. (2016), Russell
et al. (2017), and many more.

Even though complying with health protocols can be seen as an effort to protect themselves, reduce fear and
potential risk, it cannot encourage consumers to shop offline and even prevent consumers from offline shopping. It
shows that the actual behavior to protect themselves is carried out by consumers by avoiding offline shopping, as
expressed by (Sheth, 2020). So, as long as the level of fear and perceived risk among consumers is still high, offline
shopping will continue to suffer.

6.2. Practical Implication
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Offline shopping channels during the COVID-19 pandemic will continue to face difficulties as long as consumers
have high fear and perceived risk. Based on descriptive data, the median level of fear of respondents is still relatively
high, namely 3.25. These statistics indicate that offline shopping activities will not be carried out by at least 50% of
consumers. Meanwhile, the level of perceived risk is higher than fear, which is 3.97. Considering that compliance in
implementing health protocols is not a behavior that can reduce fear, the high median perceived risk may indicate that
consumers who avoid offline shopping activities can be higher than 50%. This situation will undoubtedly be
detrimental to offline retail as long as COVID-19 is still ongoing.

Consumer compliance with health protocols is a self-protection measure but not a driver to increase offline shopping
activities. Only the easing of fear and perceived risk can encourage consumers to return to offline shopping. The
repeated threats will cause fear to decrease (Weinreich, 1999; Fry, 1996; Schoenbachler and Whittler, 1996). Perhaps
the long-standing COVID-19 pandemic can cause consumer fear to be reduced. In addition, social distancing by
staying at home makes consumers bored. If these two things happen, then the need for physical shopping at retail
stores will increase. All of this happened with the assumption that the COVID-19 pandemic did not worsen. If it
worsens, of course, the government will not allow malls to operate.

Attitude has a crucial role in encouraging consumers to shop offline. However, consumers who have a high level
of fear and perceived risk tend to have a negative attitude, which negatively affects the intensity of offline shopping.
On the other hand, in the group of consumers who have a high level of adherence to health protocols, the effect of
perceived risk on offline shopping is significantly negative. Some of these conditions indicate that offline shopping
entrepreneurs will continue to suffer when fear and perceived risk are still high. Adherence to health protocols does
not make consumers feel safe but instead has a negative attitude towards offline shopping.

6.3. Managerial Implication

Given the critical role of attitude in determining behavior, attitude formation must be a top priority. However, the
attitude itself is determined by fear and perceived risk. Therefore, entrepreneurs of traditional land-based retail stores
must reduce consumer fear and perceived risk so that they are willing to shop offline. Entrepreneurs can use the
concept of shopping based on health. Under these conditions, entrepreneurs must start by building consumer trust by
proving that a physical retail store is not a cluster for the spread of COVID-19. Strict and severe implementation of
health protocols, such as: limiting the number of visitors, maintaining social distancing, providing places to wash
hands or hand sanitizers in various places, are non-negotiable methods to build that trust. However, strict health
protocols should not give the impression of a tense and rigid atmosphere but must be carried out with full hospitality.

For retail stores that sell non-essential products, they can change to essential merchandise. Stagnant and even
negative economic growth has caused consumer purchasing power to decline, so consumers tend to shop for essential
products or daily necessities. At the same time, it is time for retail business people to convert or complete their business
into online retail. This effort is not only a way to overcome the negative impact of the COVID-19 pandemic on
business, but also has become a demand of business environment. So, building online retail at this time is an effort to
prepare future businesses, even though the COVID-19 pandemic has disappeared from the earth.

7. Limitation and Future Research

This study has several limitations, which can be used as a reference for further research. First, this research relates
directly between attitude and behavior because data collection is carried out simultaneously. Further research might
connect attitude-intention-behavior. Second, this study limits the statement items in the construct based on previous
research. Thus, ignoring the possibility that online shopping behavior can also be influenced by whether or not other
people or family member which might replace them to go shopping thus affecting the frequency of online shopping.
Third, the model built in this study produces R2 by 20.4%. Therefore, further research can add independent variables
to increase predictive power.
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