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News Recommendation Exploiting Document Summarization
based on Deep Learning
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Abstract Recently smart device(such as smart phone and tablet PC) become a role as an information
gateway, using of the web news by multiple users from the web portal has been more important things.
However, the quantity of creating web news on the web makes hard to catch the information which the
user wants and confuse the users cause of the similar and repeated contents. In this paper, we propose
the news recommend system using the document summarization based on KoBART which gives the
selected news to users from the candidate news on the news portal. As a result, our proposed system
shows higher performance and recommending the news efficiently by pre-training and fine-tuning the

KoBART using collected news data.
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Fig. 1. Proposed News Recommend System Architecture
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Table 2. The results of the news summarization

Model ROUGE-1 ROUGE-2 ROUGE-L
Seq2Seq 0.275 0.122 0.252
Transformer 0.301 0.136 0.315
KoBART_Base 0.354 0.177 0.335
KoBART_
NewsData 0.377 0.199 0.338
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Table 3. The example of the news recommendation
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