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Implementation of Camera-Based Autonomous Driving Vehicle for
Indoor Delivery using SLAM
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ABSTRACT

In this paper, we proposed an autonomous vehicle platform that delivers goods to a designated destination based on
the SLAM (Simultaneous Localization and Mapping) map generated indoors by applying the Visual SLAM technology.
To generate a SLAM map indoors, a depth camera for SLAM map generation was installed on the top of a small
autonomous vehicle platform, and a tracking camera was installed for accurate location estimation in the SLAM map. In
addition, a convolutional neural network (CNN) was used to recognize the label of the destination, and the driving
algorithm was applied to accurately arrive at the destination. A prototype of an indoor delivery autonomous vehicle was
manufactured, and the accuracy of the SLAM map was verified and a destination label recognition experiment was
performed through CNN. As a result, the suitability of the autonomous driving vehicle implemented by increasing the
label recognition success rate for indoor delivery purposes was verified.
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Fig. 1 Modeling of indoor autonomous driving delivery
vehicle
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autonomous driving delivery vehicle
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