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Abstract

In logistics and distribution, Market Basket Analysis (MBA) is used as an important means to analyze the correlation
between major sales products and to increase internal operational efficiency. In particular, the results of market basket
analysis are used as important reference data for decision-making processes such as product purchase prediction, product
recommendation, and product display structure in stores. With the recent development of e-commerce, the number of
items handled by a single distribution and logistics company has rapidly increased, And the existing analytical methods
such as Apriori and FP-Growth have slowed down due to the exponential increase in the amount of calculation and
applied to actual business. There is a limit to examining important association rules to overcome this limitation, In
this study, at the Main-Category level, which is the highest classification system of products, the utility item set mining
technique that can consider the sales volume of products together was used to first select a group of products mainly
sold together. Then, at the sub-category level, the types of products sold together were identified using FP-Growth.
By using this sequential layer filtering technique, it may be possible to reduce the unnecessary calculations and to
find practically usable rules for enhancing the effectiveness and profitability.
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NO. |Antecedents Consequents support | confidence | lift |leverage|conviction
7Mak 9

1 eup TEMOVETs | Bar Soap’, “Facial cream’ 0.6667 | 0.9143 |1.2539] 0.1350 | 3.1597
‘Ear waxing’
"Makeup remover’, |’Conditioner’, ‘Bar Soap’, ‘Facial

2 . 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
‘Ear waxing’ cream’
’Makeup remover’, |’Exfoliators & Masks’, ‘Bar Soap’,

3 . . 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
‘Bar waxing’ ‘Facial cream’
’Mak >, |’Toilet Paper’, ‘Bar Soap’, ‘Facial

4 eup TEMOVer, | Toriel Taper, Bat S0ap, T 6667 | 0.9143 |1.2539] 0.1350 | 3.1597
‘Ear waxing’ cream’
"Makeup remover’, |’Cotton Balls’, ‘Bar Soap’, ‘Facial

5 . 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
‘Ear waxing’ cream’
’Makeup remover’, . .

6 |, ., ’Bar Soap’, ‘Hair dye’, ‘Facial cream’| 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
Ear waxing
’Mak >, |’Liquid Hand Soap’, ‘Bar Soap’, ‘Facial

7 €up TEMOVED, | LIquict Tland Soapr, Bar Soap, HaC § 6667 | 0.9143 |1.2539] 0.1350 | 3.1597
‘Ear waxing’ cream’
"Makeup remover’, .

8 |, ., ’Shampoo’, ‘Bar Soap’, ‘Facial cream’| 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
Ear waxing
’Makeup remover’, . .

9 1. ., *Tissues’, ‘Bar Soap’, ‘Facial cream’ | 0.6667 | 0.9143 |1.2539| 0.1350 | 3.1597
Ear waxing
7B S 9 ,M k 9 4T' 9 ‘E

1o | o 0P axeup TEmOver, TISSUes, A 06667 | 09143 [1.2539] 0.1350 | 3.1597
‘Facial cream’ waxing’
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(¥ 5) Sub—Category Lij S2o|0|5t At A&l 22

antecedents . .
No. confidence | lift | conviction
consequents
’Bar Soap’, ‘Facial cream’, ‘Tissues’, ‘Hair dye’, ‘Liquid Hand Soap’
1 - 0.9143 1.2539 | 3.1597
’Shampoo’, ‘Makeup remover’, ‘Ear waxing’
"Wet Wipes’, ‘Makeup remover’, ‘Ear waxing’
2 - 0.9130 1.2522 | 3.1146
’Bar Soap’, ‘Facial cream’
’Bar Soap’, ‘Facial cream’, ‘Shampoo’, ‘Tissues’, ‘Liquid Hand Soap’
3 - - 0.9000 1.2522 | 2.8125
"Wet Wipes’, ‘Makeup remover’, ‘Ear waxing’
"Makeup remover’, ‘Face Powder’, ‘Ear waxing’
4 - 0.9104 1.2486 | 3.0243
’Bar Soap’, ‘Facial cream’
"Tissues’, ‘Shampoo’, ‘Bar Soap’, ‘Facial cream’
5 - 0.8714 1.2486 | 2.3495
"Makeup remover’, ‘Face Powder’, ‘Ear waxing’
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