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A Study on Object Recognition Technique based on Artificial Intelligence

Yang Hwan Seok”

ABSTRACT

Recently, in order to build a cyber physical system(CPS) that is a technology related to the 4th industry, the
construction of the virtual control system for physical model and control circuit simulation is increasingly required
in various industries. It takes a lot of time and money to convert documents that are not electronically documented
through direct input. For this, it is very important to digitize a large number of drawings that have already been
printed through object recognition using artificial intelligence. In this paper, in order to accurately recognize objects
in drawings and to utilize them in various applications, a recognition technique using artificial intelligence by
analyzing the characteristics of objects in drawing was proposed. In order to improve the performance of object
recognition, each object was recognized and then an intermediate file storing the information was created. And the
recognition rate of the next recognition target was improved by deleting the recognition result from the drawing. In
addition, the recognition result was stored as a standardized format document so that it could be utilized in various

fields of the control system. The excellent performance of the technique proposed in this paper was confirmed
through the experiments.
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