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Prediction of Food Franchise Success and Failure
Based on Machine Learning
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Abstract In the restaurant industry, start-ups are active due to high demand from consumers and low entry
barriers. However, the restaurant industry has a high closure rate, and in the case of franchises, there is a large
deviation in sales within the same brand. Thus, research is needed to prevent the closure of food franchises.
Therefore, this study examines the factors affecting franchise sales and uses machine learning techniques to
predict the success and failure of franchises. Various factors that affect franchise sales are extracted by using
Point of Sale (PoS) data of food franchise and public data in Gangnam-gu, Seoul. And for more valid variable
selection, multicollinearity is removed by using Variance Inflation Factor (VIF). Finally, classification models are
used to predict the success and failure of food franchise stores. Through this method, we propose success and
failure prediction model for food franchise stores with the accuracy of 0.92.
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Figure 1. Machine learning model for prediction of franchise success and failure
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