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Abstract 

The capability to examine an X-ray image is so far a challenging task. In this work, we suggest a practical and 

novel algorithm based on image fusion to inspect the issues such as background noise, blurriness, or sharpness, 

which curbs the quality of dual-energy X-ray images. The current technology exercised for the examination of 

bags and baggage is “X-ray”; however, the results of the incumbent technology used show blurred and low 

contrast level images. This paper aims to improve the quality of X-ray images for a clearer vision of illegitimate 

or volatile substances. A dataset of 40 images was taken for the experiment, but for clarity, the results of only 

13 images have been shown. The results were evaluated using MSE and PSNR metrics, where the average 

PSNR value of the proposed system compared to single X-ray images was increased by 19.3%, and the MSE 

value decreased by 17.3%. The results show that the proposed framework will help discern threats and the 

entire scanning process. 
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1. Introduction 

Image processing is dramatically getting more popular each day, and its importance in many 

application areas is proliferating. The techniques used for image processing are not only used to extract 

meaningful insights but also save computational cost and memory constraints [1]. Image processing is a 

process that is used to transform a picture into a digital format, and then actions are executed on it to 

obtain a clearer and improved picture or, sometimes, to draw out valuable information from that picture. 

This technique consists of an automatically adjustable change to be performed in the image and relies on 

authentically designed algorithms [2]. Image processing is a multidimensional area that overlaps with 

other fields like machine learning, human vision research, pattern recognition, and artificial intelligence. 

Image improvement is a crucial method in the field of image preprocessing. In earlier research, an amount 
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of improved algorithms has been utilized in various image dispensation applications. On the other hand, 

the commercially used dual-energy X-ray mechanism is a system that utilizes two X-ray beams of 

different energies (with low- and high-voltage of 80 kV and 120 kV, respectively) to scrutinize the said 

entity and draw out information regarding the atomic composition and compactness of the item [3]. These 

commercial methods are constrained to have only the ability to resolve a particular complexity of 

corrupted images. Such as region of interest (ROI) can recover the precise region of attention. Likewise, 

discrete wavelet transform (DWT) can eliminate the background noise from the X-ray pictures. 

Conventional algorithms cannot provide a suitable significant image to fulfil the improved application 

demand. Consequently, such issues can be solved using image fusion. Image fusion is a technique that 

explicitly combines the information of interest from two or more images into a single informative and 

vivid image. 

The objective of image fusion is to merge the input of many X-ray images into a fused X-ray image 

and produce a more vivid image to reveal more significant information than an individual image. Image 

fusion is an effective image processing technique and has been declared as one of the emerging ways of 

image enhancement for the last two decades. The technique has been used in many application areas of 

image processing, such as floodplain mapping, remote sensing, and medicine [4]. Image fusion is a 

technique based on image processing algorithms and is used to improve the information quality in an 

image while working on various images [5]. The record of the last few years shows that in a variety of 

image fusion methods, a type of fusion based on wavelet transform has been verified as a vital trend in 

the area of research due to its excellent results [6,7]. The image fusion of multi-resolution images using 

wavelet transforms often archives better results than the traditional techniques. The DWT is one of the 

most efficient methods of image fusion as this method provides rich information, and different 

experimental works have revealed that this method outperforms other methods of image fusion [1]. Image 

enhancement can be done using a variety of methods and techniques. In [8], the authors presented a 

modified fuzzy filter for reducing Gaussian noise. In this paper, they had focused on eliminating Gaussian 

noise only. Khan et al. [9] presented a genetic programming-based noise reduction approach for magnetic 

resonance imaging (MRI) images. In this work, the author claims that the proposed genetic programming 

can efficiently remove Rician noise. A DWT-based approach for the reduction of impulse and poison 

noise was presented in [4]. They aim to resolve blurriness and sharpness in corrupted X-ray images and 

to reduce the impulse as well poison noise in these images. Khan [10], presented an area of interest 

enhancement based on image fusion. In this work, they had focused on reducing impulse noise. In this 

paper, wavelet-based image fusion is used to improve degraded X-ray images, and the area of interest is 

utilized to boost the target region of the image. In order to get de-blurred, noise-free and sharp X-ray 

image sources, the sharpening, and enhancement techniques are discretely used with the similar tainted 

X-ray image. Subsequently, through a particular procedure within the wavelet domain, these two different 

sources of X-ray images are fused to acquire the improved X-ray picture. The research outcome shows 

our suggested framework remarkably enhances the corrupted X-ray pictures and synchronously offers 

suitable particulars and noise-free X-ray images. 

The remaining of this paper is organized as follows: Section 2 describes the proposed method for image 

enhancement. In Section 3, analyses about the proposed work are made. Section 4 is reserved for the 

experimental process of this work. In Section 5, the results are presented. Finally, in Section 6, the 

research work is concluded. 
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2. Proposed Methods 

2.1 Discrete Wavelet Transform 

DWT is a method that integrates the time and frequency domains, and specifically, it is just like a time-

frequency depiction of a non-stationary signal. The time and frequency information can also be retrieved 

by short-time Fourier transform, but it has a limitation of fixed resolution problem that a wavelet 

transform overcomes, and due to this reason, the wavelet transform is a better approach. While using 

short-term Fourier transform, a signal is broken into small pieces that are assumed to be stationary. On 

the other hand, in wavelet transform, high pass filter and low pass filter are used to decompose the signal 

and produce two different versions, i.e., low pass (L) and high pass (H) versions. The low pass version 

of a signal can be more decomposed by passing it to a group of low pass (LL) and high pass (LH) filters 

again. In the same way, the high pass version can also be further decomposed. The decomposition process 

can be repeated for the time when some signal reaches a pre-defined reference level [11]. 

The wavelet transform process divides the signal or indication and renders several fundamental 

functions. These functions are attributed to the wavelet transform. In picture dispensation, wavelet is a 

multi-resolution method that helps us to examine the surface of the picture. Wavelets coefficients are 

applied like features vectors for categorization. The DWT technique transforms the pixels of an image 

into wavelets. The made wavelets are then used for wavelet-based compression and coding. 

DWT is a low-productivity, proficient, less computational, and low-cost technique for resolving 

reciprocal highlights from computer images [12]. The DWT has been used in different applications areas 

such as engineering, mathematics, and computer science. Image processing is one of the practical 

applications where the DWT technique is used for noise removal [13,14]. The discrete wavelet transform 

method is utilized in the suggested framework to unravel highlights from low and high-energy X-ray 

photographs. The DWT algorithm is an enhancement of continuous wavelet transform (CWT) and is also 

said to be the mother wavelet transform. CWT is incessant with scales and shifts measurement to reach 

the mother wavelet transform [15]. It refers back to the actual valued wavelet, ψ(x). For example, the 

definition of a square fundamental function, ����, is as under: 
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where q is translation constraints, and p is scaled constraints in the above equations [16]. DWT is a linear 

alteration function converting the picture particulars into its frequency components known as an 

approximation and detailed components. Picture detailed can access from these components regarding 

horizontal, diagonal, and vertical sub-bands. It can merely gain using low and high pass filters. DWT has 

mainly two functions: the scaling functions and the wavelet functions. These two functions are dependent 

on the filters used in DWT as the low pass filter performs the scaling functions while the high pass filter 

performs the wavelet functions [1]. These two functions are orthogonal functions which divide the 

function space into a sequence of orthogonal high and low-frequency spaces. The coefficients (weights) 

connected with the scaling function are known as approximation coefficients and capture low-frequency 
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information, while the coefficients known as detail coefficients capture high-frequency information 

associated with wavelet functions. Eqs. (3) and (4) express the following components. 
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In the above equations, dj and aj allude to the detail coefficients and estimation coefficients of the 

wavelet function and the functions ℎ�� − 2�	, [� − 2�], signify high and low pass filter’s coefficient 

correspondingly. Initially applying DWT, the Wavelet transform function is executed on low and high-

energy X-ray pictures, and then, a fusion decision map is produced through the assumption of the group 

of fusion rules. A fused wavelet coefficient map is created by taking the wavelet coefficient of the source 

X-ray photograph. At last, inverse DWT (IDWT) is used to achieve the merged X-ray picture  [17]. 

The wavelet transform method is quite different from the simple Fourier transform as the wavelet 

transform approach can provide knowledge about the time as well as frequency-domain of an image 

signal. The short-term Fourier transform can also extract information about time and frequency, but the 

wavelet transform performs better as it can deal with the fixed resolution problems that are occurred due 

to the short-time Fourier transform [11]. The local information extracted using wavelet transform about 

image signals helps in the extraction of disturbing information out of power signals. The wavelet 

transform approach can be applied using various types of wavelet functions. In literature, it was 

established that the Daubechies wavelet (db4) function is effective in cases of power signals analysis. 

The db4 function was effective due to its similar shape to power disturbance signals [18]. The number of 

levels for multi-resolution analysis is another parameter for calculating detail coefficient. The detail 

coefficients are prone to noise after a specific number of levels. In the different levels, the features that 

are taken from higher-level coefficients are mostly associated with features taken from lower-level 

coefficients and do not increase the value of the classification system. 

 

2.2 Area of Interest Enhancement 

A ROI is the selected area of an image to be filtered out, or some operations are to be made. A set of 

ROI objects for creating ROIs of different shapes are circles, ellipses, polygons, rectangles, and hand-

drawn shapes. When an ROI is created, one can utilize ROI object properties to customize the functioning 

and appearance of the created ROIs. 

After getting a noise-free merged picture, it is requisite to enhance the contrast of the complete picture 

or the exact area for the noise decreasing procedure [19]. Histogram equalization can be used to remove 

noise from the picture and for the enhancement of the picture; however, the drawback of histogram 

equalization is that it brightens every pixel inside the picture, and for a while, the brighter region of the 

picture acquires brighter [20]. The histogram specification technique can be used for picture improve-

ment; however, this technique also has a few drawbacks and complications. The technique used here for 

the enhancement of image contrast is the area of interest enhancement. The block diagram of the ROI 

enhancement approach is shown in Fig. 1. The filtering of ROI is to apply a filter on a specific area of an 
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image. While ROI filtering, a method known as “the create Mask” is applied for generating a binary mask 

for the area of interest of an object [21]. A filter is then applied to the region of the binary mask. The 

region of interest is filtered out using the roifilt2 (https://www.mathworks.com/help/images/ overview-

of-roi-filtering.html), the function of MATLAB. 

The roifilt2 specifies an input grayscale image to be filtered, a binary mask image that describes the 

ROI, and a filter. The roifilt2 function takes an image and produces another image with filtered values 

for all those pixels of the binary mask where it has 1s in it. Also, the generated image contains unfiltered 

values 0s in the binary mask. The filtered and unfiltered process of the pixels is known as “masked 

filtering.” 

Fig. 1 shows the region of interest enhancement for the fused de-noised X-ray image. In the first place, 

a fused de-noised image is taken for enhancement, and the area of interest is selected for enhancement. 

Then, the exact area is filtered out so that more clear enhancement can be made. An ROI technique 

“roifilt2” function is then applied to enhance the specific area. 

The area of interest is filled and updated using the ‘roifill’ method. The roifill method is effective in 

editing X-ray images and removing unnecessary information. The method fills the area of interest by 

predetermined values on the boundary of the area. The areas of interest are when chosen by mouse, and 

the roifill retrieves an X-ray image according to the chosen filled area of interest [21]. In this work, the 

roifill method was used for filling and updating the area of interest of the input dual-energy X-ray images. 

 

 

Fig. 1. Region of interest enhancement. 

 

2.3 Image Enhancement Algorithm using the DWT Image Fusion and Area of 

Interest Algorithm 

Generally, X-ray images that are debased with Poisson noise are made de-blurred and given low 

contrast. Poisson noise occurs while the predetermined amount of photons possessing energy is not 

capable enough to detect statistical fluctuations in measurement [19]. The particles are known as 

“photons” in an optical gadget and “electrons” in the electronic circuit. Apart from other digital pictures, 

X-ray picture noise affects the boundaries of the item and pixels intensity values that generate ambiguity 

for the system to distinguish items and for the administrator to make a decision [22]. DWT and ROI 
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enhancement approaches are used for the contrast enhancement of the target area in the picture; the 

suggested approach, based on Wavelet is associated with ROI to attain the desired outcomes. This model 

significantly supports the checking process when we are going to discriminate threats and the entire 

process of screening, as is obvious from the empirical outcomes. However, the “X-ray” pictures are still 

blurred, noisy, and show low complexity because of fewer photons penetration, arbitrarily dropping 

photons, thickness of object matter, detector size matter, and changing analogue to digital. Background 

noise in the X-ray image denotes needless information, which gets worse the picture quality, for instance, 

if the normal picture “� (
, �)” having noise “� (
, �)”, Then the noisy picture “�(
, �)” will be articulated 

in the following equation [23]. 

 

�(�, �) = 	 (�, �) + � (�, �) (5) 

 

Thus, our proposed framework filter is the eventual filter used for background noise tainted pictures. 

Resting on the opposing, though sharpening cannot extremely enhance picture contrast; however, this 

processing vastly improves details of the edges via employing the dissimilar operation of the Laplace 

operator [4]. Therefore, the entire connection of the DWT and ROI approaches materializes in picture 

improvement. A technique for the reduction of Background noise in X-ray pictures utilizing a discrete 

wavelet transform is intended. The fundamental restriction to this scheme is that it passes through a filter 

every pixel among a Wiener filter if they are tainted or not. Several research studies contain worked on 

Poisson noise in a diverse field [23]. These studies design a framework to remove the background noise 

with wavelet transform and to enhance the target area of the image. The proposed DWT algorithm uses 

the above-mentioned harmonizing feature utilizing image fusion id to get image free of background noise, 

de-blurred, and improve the boundaries of tainted X-ray pictures concurrently. The sketch map of the 

proposed framework is exposed in Fig. 2, and the flow of process is explained below. 

1. The wavelet approach, ROI filter, and sharpening are applied independently to get two corres-

ponding sources of X-ray pictures (i.e., sharpened and free of noise X-ray picture). 

2. Utilizing a fast DWT approach, decompose the sharpened and noise-free X-ray picture. 

3. To obtain fused coefficients, the detailed and approximate coefficients of the DWT decomposition 

are fused correspondingly through different rules. 

4. Using IDWT, the picture from the fused coefficients is rebuilt, and a clear, more informative image 

is produced. 

Fusion rules carry out an important function in image fusion, and researchers have developed several 

fusion rules for a variety of applications [4,6]. Special rules are used in the new research to manage the 

detail and approximate coefficients, correspondingly. Let K and L represent the two sources of X-ray 

images—the sharpened and de-noised X-ray images. Moreover, F specifies the merged result of K and 

L. The following equation (Eq. 6) is used for the approximate coefficients. 

 

�(�, �) = ��(�, �)  + (1 − �) �(�, �) (6) 

 

where α acts as a weight coefficient that can alter the section of K and L to manage the blurriness of the 

fused X-ray picture. It has been empirically experienced that scale 4 can give a pleasing outcome for 

merging sharpened and noise-free X-ray pictures consistent with different picture circumstances. In 

future, we aim to develop an adaptive algorithm that will determine the value of α. The following fusion 
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rule (Eq. 7) is used to merge the detail coefficient. 

 

� ��, � � 	 
���, �� � �1 � 
� ���, �� (7) 

 

Fig. 2 shows the overall fusion process of dual-energy X-ray images. In this figure, high and low-

energy images are given as input to the system. In the next step, the wavelet approach and sharpening are 

applied independently to get two corresponding sources of X-ray pictures. Then DWT approach is used 

to decompose the sharpened and noise-free X-ray picture. Some fusing rules are then applied to get the 

detailed and approximate coefficients of the DWT fused image. Finally, IDWT is applied to rebuild the 

picture from the fused coefficients. 

 

 

Fig. 2. Fusion process of dual-energy X-ray image [12]. 

 

 

3. Analysis 

Initially and most importantly, the imperative feature of the proposed approach is to find out the 

Background noise in tainted pixels, and then the DWT approach is used to restore the picture. Image 

fusion possesses the capability to eradicate background noise from X-ray pictures. The complexity and 

computational time will be enhanced by separating the low- energy and high-energy X-ray pictures, whereas 

to deal with these issues, the author uses an image fusion process. 

Secondly, the DWT approach is imposed on every pixel in the initial phase/iteration. The low-energy 

pictures and high-energy X-ray pictures are uploaded and decomposed using DWT to obtain approxi-

mation and detail coefficients, and fusion rules are then used to acquire fused approximate and detail 

coefficients. In the end, IDWT is used to obtain the merged X-ray images. 

After the fusion, occasionally, it is required to enhance the image due to the process of reducing noise. 

In earlier research, the approach used for picture improvement was histogram equalization. The limitation 

of the histogram equalization is that it brightens every pixel in the picture, and for a while, the brighter 

region of the picture achieves extra brightness. The histogram specification technique has also been used 

by the researcher previously to enhance the contrast in the picture; however, it also has a few restrictions 

and complications [22]. Herein the proposed framework, we applied an easy technique known as ROI 

enhancement to improve contrast in the picture. The roifilt2 is used in this work that specifies; an input 
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grayscale image that is to be filtered, a binary mask image that describes the ROI, and a filter.  The roifilt2 

function takes an image and produces another image with filtered values for all those pixels of the binary 

mask where it has 1s in it. Also, the generated image contains unfiltered values 0s in the binary mask. 

The filtered and unfiltered process of the pixels is known as “masked filtering.” The roifilt2 is effectively 

suitable in cases when the return data is of the same range as of the original image. 

 

 

4. Experimental Process 

The proposed approach for image enhancement was conducted on a Core i5 system with 8 GB RAM 

and implemented using MATLAB R2020a. The dataset for system evaluation contains 40 X-ray images 

having noise and baggage. In this section, first of all, we will see the results of the baggage image 

adjustment approach that how it enhances the quality of digital images and then in the second part, we 

will observe the global contrast enhancement using referenced image approach. The testing set that 

contains 40 images of size 256*256 (Figs. 3 and 4) and 512*512 (Figs. 5 and 6) are infected with different 

background noise densities. Note that we have shown the sample of just 13 images (evaluation results) 

for a clear presentation of the results. 

Fig. 3 shows the background and impulse noise wavelet-based fusion of 256*256 pixels images of the 

bag containing blades, where Fig. 3(a) represents high-energy X-ray image of the bag containing a blade, 

Fig. 3(b) shows low-energy X-ray image, and Fig. 3(c) shows the fused image of the low and high-energy 

images. 

 

   

(a) (b) (c) 

Fig. 3. Background and impulse noise wavelet-based fusion of images of the bag containing blades: (a) 

high-energy X-ray, (b) low-energy X-ray, and (c) fused X-ray. 

 

Fig. 4 shows the background and impulse noise wavelet-based fusion of 256*256 pixels images of a 

bag that contains guns; Fig. 4(a) represents a high-energy X-ray image of a bag containing a gun, Fig. 

4(b) shows the same image having low energy while Fig. 4(c) represents a fused image of both low and 

high-energy images. 

 

 

(a) (b) (c) 

Fig. 4. Background and impulse noise wavelet-based fusion of images of the bag containing guns: (a) 

high-energy X-ray, (b) low-energy X-ray, and (c) fused X-ray. 
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Fig. 5 shows the background and impulse noise wavelet-based fusion of 512*512 pixels images of a 

bag that contains blades. The images were high-resolution and we tested the performance of our proposed 

approach using the high-resolution as well as low-resolution images. It can be seen in Figs. 3 and 5 that 

our proposed approach can perform well in both 256*256 and 512*512 pixels images. Fig. 5(a) represents 

a high-energy X-ray image of a bag containing a blade and Fig, 5(b) shows the same image having low-

energy, while Fig. 5(c) represents a fused image of both low and high-energy images. 

 

 

(a) (b) (c) 

Fig. 5. Background noise wavelet-based fusion of 512*512 pixels images of the bag containing blades: 

(a) high-energy X-ray, (b) low-energy X-ray, and (c) fused X-ray. 

 

Fig. 6 shows the background and impulse noise wavelet-based fusion of high-resolution images 

containing guns. The images shown in this figure are of 512*512 pixels quality. Fig. 6(a) represents a 

high-energy X-ray image of a bag containing a gun and Fig. 6(b) shows the same image having low-

energy, while Fig. 6(c) represents a fused image of both low and high-energy images. 

 

 
 

(a) (b) (c) 

Fig. 6. Background noise wavelet-based fusion of 512*512 pixels images of the bag containing guns: (a) 

high-energy X-ray, (b) low-energy X-ray, and (c) fused X-ray. 

 

Figs. 3–6 shows the fusion process of different low energy and high-energy X-ray images of 256*256 

and 512*512 resolution quality. The fusion process was made using the proposed approach presented in 

this paper. The results show that the proposed approach can fuse the images with more clarity and objects 

(blades/guns) can be examined easily after de-noising the images. 

 

 

5. Results 

The results were evaluated using mean squared error (MSE) and peak signal-to-noise ratio (PSNR). 

The MSE metric is used to measure the average squared difference between the predicted value and the 

actual value. The low values of MSE show more accurate estimation and hence more effective evaluation 
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results. The MSE values of fused images in comparison with individual X-ray images are shown in Fig. 

7. Moreover, the PNSR metric was used for evaluating the performance of the proposed dual X-ray image 

enhancement approach. PSNR is used to measure the quality of an image. The high values of PSNR show 

that image enhancement is made in a better way. Fig. 8 represents that the PNSR values of the proposed 

approach are higher than individual X-ray images. 

 

 

Fig. 7. MSE values of fused and single baggage X-ray picture. 

 

 

Fig. 8. PSNR values of individual and fused baggage X-ray picture. 

 

Fig. 7 shows the MSE values of fused and single baggage X-ray images. It is clear from this figure that 

the MSE values of fused X-ray images are smaller than that of the individual X-ray images. Note that 

smaller MSE values show better clarity and are considered to be a more informative image. 

Fig. 8 shows the PSNR values of individual and fused baggage X-ray picture. In this figure, it is clear 

that the proposed system can enhance dual-energy X-ray images with better PNSR values and the 

improvement in PNSR values shows that the newly fused images will be more clear and informative as 

compared to the individual images. 

The results presented in the above figures disclose that the proposed framework of image enhancement 

provides excellent results as compared to comparative approaches. It is clear from the evaluated results 

that our proposed approach for X-ray image enhancement using ROI and DWT achieves better PNSR 

values for all the images. 
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6. Conclusion 

This research work has put forward a reliable, new, and fast technique to remove background noise 

and to enhance the contrast of a particular region of an image. An empirical, novel, and proficient 

algorithm based on image fusion were proposed to inspect the issues such as the background noise, 

blurriness, or sharpness in the image, and such other regressive effects which curbs the quality of dual-

energy X-ray pictures. The proposed approach was evaluated using MSE and PSNR values and the 

comparison of the fused images with individual images shows that the proposed approach produces more 

informative and noise-free images. From the experiments, it is obvious that the proposed framework 

removes the background noise and increases the contrast of the targeted area within no time computation 

and intricacy. The remarkable improvement of the suggested framework is that it is straightforward and 

can be seen faster than other techniques in hand. The proposed wavelet transform and ROI-based image 

enhancement approach can be utilized as a real application for the examination of different X-ray images. 

 

 

Acknowledgement 

This research was supported by Dr. Aurangzeb Khan who is working as an associate professor at the 

University of Science and Technology, Bannu, Pakistan. We thank him for his guidance and support 

during conducting the various experiments and the report. 

 

 

References 

[1] R. C. Gonzalez, R. E. Woods, and S. L. Eddins, Digital Image Processing Using MATLAB. Upper Saddle 

River, NJ: Pearson, 2004. 

[2] W. Burger and M. J. Burge, Digital Image Processing: An Algorithmic Introduction Using Java. London, 

UK: Springer, 2016. 

[3] Z. Chen, Y. Zheng, B. R. Abidi, D. L. Page, and M. A. Abidi, “A combinational approach to the fusion, de-

noising and enhancement of dual-energy x-ray luggage images,” in Proceedings of 2005 IEEE Computer 

Society Conference on Computer Vision and Pattern Recognition (CVPR) Workshops, San Diego, CA, 2005. 

[4] S. U. Khan, W. Y. Chai, C. S. See, and A. Khan, “X-ray image enhancement using a boundary division wiener 

filter and wavelet-based image fusion approach,” Journal of Information Processing Systems, vol. 12, no. 1, 

pp. 35-45, 2016. 

[5] N. Indhumadhi and G. Padmavathi, “Enhanced image fusion algorithm using Laplacian pyramid and spatial 

frequency-based wavelet algorithm,” International Journal of Soft Computing and Engineering, vol. 1, no. 

5, pp. 298-303, 2011. 

[6] Z. Zhang and R. S. Blum, “A categorization of multiscale-decomposition-based image fusion schemes with 

a performance study for a digital camera application,” Proceedings of the IEEE, vol. 87, no. 8, pp. 1315-

1326, 1999. 

[7] G. Pajares and J. M. de la Cruz, “A wavelet-based image fusion tutorial,” Pattern Recognition, vol. 37, no. 9, 

pp. 1855-1872, 2004. 

[8] T. Rahman, M. R. Haque, L. J. Rozario, and M. S. Uddin, “Gaussian noise reduction in digital images using 

a modified fuzzy filter,” in Proceedings of 2014 17th International Conference on Computer and Information 

Technology (ICCIT), Dhaka, Bangladesh, 2014, pp. 217-222. 



A Novel Approach to Enhance Dual-Energy X-Ray Images Using Region of Interest and Discrete Wavelet Transform 

 

330 | J Inf Process Syst, Vol.18, No.3, pp.319~331, June 2022 

[9] S. U. Khan, N. Ullah, I. Ahmed, W. Y. Chai, and A. Khan, “MRI images enhancement using genetic program-

ming based hybrid noise removal filter approach,” Current Medical Imaging, vol. 14, no. 6, pp. 867-873, 

2018. 

[10] S. U. Khan, “A novel approach for area of interest enhancement in x-ray image,” International Journal of 

Research, vol. 2, no. 9, pp. 730-733, 2015. 

[11] S. Thakral and P. Manhas, “Image processing by using different types of discrete wavelet transform,” in 

Advanced Informatics for Computing Research. Singapore: Springer, 2018, pp. 499-507. 

[12] L. Pei, Y. Zhao, and H. Luo, “Application of wavelet-based image fusion in image enhancement,” in 

Proceedings of 2010 3rd International Congress on Image and Signal Processing, Yantai, China, 2010, pp. 

649-653. 

[13] S. Allen Broughton, “Wavelet based methods in image processing,” Rose-Hulman Institute of Technology, 

1998.  

[14] V. Singh and V. D. Kaushik, “A study on multi-focus image fusion in wavelet domain,” in Proceedings of 

International Conference on Advances in Engineering Science Management & Technology (ICAESMT), 

Dehradun, India, 2019. 

[15] H. Demirel and G. Anbarjafari, “Discrete wavelet transform-based satellite image resolution enhancement,” 

IEEE Transactions on Geoscience and Remote Sensing, vol. 49, no. 6, pp. 1997-2004, 2011. 

[16] M. P. Ekstrom, Digital Image Processing Techniques. London, UK: Academic Press, 2012. 

[17] N. A. Ionela and B. Monica, “Satellite image improvement using phase information and wavelet transform,” 

in Proceedings of 2010 8th International Conference on Communications, Bucharest, Romania, 2010, pp. 

137-140. 

[18] S. Ekici, “Classification of power system disturbances using support vector machines,” Expert Systems with 

Applications, vol. 36, pp. 9859-9868, 2009. 

[19] T. Huang, G. Yang, and G. Tang, “A fast two-dimensional median filtering algorithm,” IEEE Transactions on 

Acoustics, Speech, and Signal Processing, vol. 27, no. 1, pp. 13-18, 1979. 

[20] S. U. Khan and W. Y. Chai, “An image enhancement technique of x-ray carry-on luggage for detection of 

contraband/illicit Object(s),” International Journal of Computer Science Issues, vol. 9, no. 5, pp. 205-211, 

2012. 

[21] M. Junaid, A. Sohail, A. Ahmed, A. Baz, I. A. Khan, and H. Alhakami, “A hybrid model for load balancing 

in cloud using file type formatting,” IEEE Access, vol. 8, pp. 118135-118155, 2020. 

[22] S. U. Khan, N. Ullah, W. Y. Chai, and A. Rauf, “A close assessment of x-ray image enhancement techniques 

for contraband detection,” International Journal of Computer Science and Information Security, vol. 14, no. 

8, pp. 282-286, 2016. 

[23] M. Sakata and K. Ogawa, “Noise reduction and contrast enhancement for small-dose x-ray images in Wavelet 

domain,” in Proceedings of 2009 IEEE Nuclear Science Symposium Conference Record (NSS/MIC), Orlando, 

FL, 2009, pp. 2924-2929. 

 

 

 

Burhan Ullah  https://orcid.org/0000-0002-9520-8183   
He received a Bachelor’s degree in computer science from Gomal University, Pakistan 

in 2001 and a Master’s degree in Image Processing in 2010 from the University of 

Science and Technology, Pakistan. Currently, he is studying as a Ph.D. student at the 

University of Science and Technology, Pakistan. His current research interests include 

machine learning, Digital Image Processing, and Data Mining. 



Burhan Ullah, Aurangzeb Khan, Muhammad Fahad, Mahmood Alam, Allah Noor, Umar Saleem, and Muhammad Kamran 

 

J Inf Process Syst, Vol.18, No.3, pp.319~331, June 2022 | 331 

Aurangzeb Khan  https://orcid.org/0000-0002-5603-1362   
He completed his Ph.D. degree in Data Mining in 2014 from Sarawak university 

Malaysia. Currently, he is working as an associate professor and providing services as 

a research coordinator in the Department of Computer Science, University of Science 

and Technology, Bannu, Pakistan. His research interest includes Semantic Web, Data 

Science, and Software Engineering. 

 

 

Muhammad Fahad  https://orcid.org/0000-0002-3238-2686   
He completed his BS degree in Computer Science in 2012 from the University of 

Science and Technology, Bannu, Pakistan, and his Master’s degree in image 

processing in 2016 from CECOS University, Pakistan. His current research interest 

includes digital image processing, HCI, and Biomedical Imaging. 

 

 

Mahmood Alam  https://orcid.org/0000-0003-2349-9775  
He completed his BS degree in Computer Science in 2012 from the University of 

Science and Technology, Bannu, Pakistan, and his Master’s degree in Semantic web 

in 2019 from the same university. Currently, He is doing his Ph.D. degree at the Central 

South University of China.  

 

 

Allah Noor  https://orcid.org/0000-0002-4045-394X  
He completed his BS degree in software engineering in 2012 from the University of 

science and technology, Bannu, KP Pakistan, and his Master’s degree in Human-

Computer Interaction in 2018 from the COMSATS University Abbottabad, Pakistan.  

 

 

 

Umar Saleem  https://orcid.org/0000-0002-8709-3902  
He received his BS degree in Computer Science in 2017 from the University of Science 

and Technology, Bannu, KP Pakistan. He is recently doing his Master’s degree in 

computer science from the same University.  

 

 

 

Muhammad Kamran  https://orcid.org/0000-0001-6153-0273   
He received his MS degree in computer science in 2009 from Gandhara University, 

Peshawar, and a Ph.D. degree in Electronics in 2019 from the University of Peshawar 

Pakistan. Currently, he is working as Assistant Professor (Electronics) at the University 

of Peshawar, Pakistan. His research interest includes electronics engineering. 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


