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Abstract As the business ecosystem has become more uncertain, the sources of supply chain
risk have also been becoming more diverse. In particular, due to the development of
informational technology in recent years, firms need to consider the emerging supply chain risk
sources as well as traditional supply chain risk sources. A typical example is negative
word-of-mouth by social media. Therefore, we investigated the virality of negative
word-of-mouth on manufacturing firms by using YouTube as a representative social media.
More specifically, we investigated how the social capital of the video creator influences the
virality of negative word-of-mouth and how the emotional tone of the video affects the virality
of negative word-of-mouth. In conclusion, the social capital of the video creator influenced the
scale and speed of negative word-of-mouth. Furthermore, negative emotion words moderated the
relation between the social capital of the video creator and the scale of negative word-of-mouth.
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Table 3 NWOM Virality Results(Scale)
Variable  Model 1  Model 2 Model 3 Model 4
(B)Constant  181.297x*x* —642.142+%x —642.510%*x —506.480%*
View Count  -0.160* —0.157xx —0.157*xx  —0.168:*x
Like Count 0.011 0.000 0.000 -0.001
Cocrf}g;etm 0.4695xx  (0.315%:%x 0.315%x: 0.296%

No. of
Subscribers 0.559x#3% 0.559x:x 0.478%*x
(Social capital)
Negative _
emotiorfl words 0.002 0.599ss
No. of
Subscrib X 4
ke o5+
emotion words
Adj. R2 0.126 0.416 0.415 0.428
F 17.425%5x 61,794 49.290 43 5793k

Dependence variable: NWOM scale

x p<0.10, *=x p<0.05, =xx p<0.01

Table 4 NWOM Virality Results(Speed)
Variable Model 1 Model 2 Model 3 Model 4
(B)Constant 3.556% 208705 21.238xx 25,753k
View Count 0.079 0.078 0.081 0.076
Like Count 0.009 0.006 0.007 0.007
C t

%Elrlnrff[n -0.057 -0.017 -0.014 -0.022
No. of
Subscribers —0.146%3x -0.144 -0.177
(Social capital)
Negati
emoticogna i;/]grds -0.028 -0.276
No. of
Subscrib X
s 0262
emotion words
Adj. R2 -0.006 0.011 0.009 0.008
F 0.323 1.946%%x 1.606 1.487

Dependence variable: NWOM speed
x p<0.10, =+ p<0.05, =+ p<0.01

Table 5 Hypothesis Test Results
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