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Abstract As the growth of the live streaming service market is accelerating due to COVID—19, the
number of downloads and reviews of live streaming mobile applications is also rapidly skyrocketing.
This study is to research game streaming applications using Twitch reviews as database. A total of 8
topics are extracted through LDA topic modeling and 7 out of them are detected to be inconvenience
factors. Then, to pinpoint the main inconvenience factors, co—occurrence analysis is used in order to
find out main factors. Finally, based on previous studies, several solutions are provided, which can solve
the inconvenience factors(advertisement, Ul design, technology problems) as well as strengthening
digital competitiveness. This study will serve as an opportunity to improve digital competitiveness not

only for Twitch but also for other game live streaming service companies in the future.
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Table 2. Top 20 Keyword Degree Centrality

Rank Keyword Degree Centrality
1 Broadcasting 20
2 Screen 13
3 Join 11
4 Mode 11
5 Pop—up 11
6 Box 9
7 Advertisement 8
8 Chatting 8
9 Number 7

10 Member 7
11 Inconvenience 7
12 log—in 6
13 Account 6
14 Update 6
15 Sign—up 6
16 Image Quality 5
17 Size 5
18 Verification 4
19 Adjustment 4
20 Log—in_Member 4
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