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( Abstract )

Effective Capacity Planning of Capital Market IT
System: Reflecting Sentiment Index

kK

Kukhyung Lee*, Miyea Kim**, Jaeyoung Park***, Beomsoo Kim™

Due to COVID-19 and soaring participation of individual investors, large-scale transactions exceeding system capacity
limits have been reported frequently in the capital market. The capital market IT systems, which the impact of system failure
is very critical, have encountered unexpectedly tremendous transactions in 2020, resulting in a sharp increase in system
failures. Despite the fact that many companies maintained large-scale system capacity planning policies, recent transaction
influx suggests that a new approach to capacity planning is required. Therefore, this study developed capital market IT
system capacity planning models using machine learning techniques and analyzed those performances. In addition, the
performance of the best proposed model was improved by using sentiment index that can promptly reflect the behavior of
investors. The model uses empirical data including the COVID-19 period, and has high performance and stability that can
be used in practice. In practical significance, this study maximizes the cost-efficiency of a company, but also presents
optimal parameters in consideration of the practical constraints involved in changing the system. Additionally, by proving that
the sentiment index can be used as a major variable in system capacity planning, it shows that the sentiment index can be

actively used for various other forecasting demands.

Key Words: Effective Capacity Planning, Sentiment Index, VKOSPI, Capital Market IT Systems, Knowledge
Management
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