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Abstract

Military training is an essential item for the fundamental problem of war. However, there has always been a
problem that many resources are consumed, causing spatial and environmental pollution. The concepts of defense
modeling and simulation and CGF(Computer Generated Force) using computer technology began to appear to
improve this problem. The Naval Operations, Resources Analysis Model(NORAM) developed by the Republic of
Korea Navy is also a DEVS(Discrete Event Simulation)-based naval virtual force analysis model. The current
NORAM is a battle experiment conducted by an operator, and parameter values such as maneuver and armament
operation for individual objects for each situation are evaluated. In spite of our research conducted evolutionary,
supervised, reinforcement learning, in this paper, we introduce our design of a scenario creation model based on
evolutionary learning using genetic algorithms. For verification, the NORAM is loaded with our model to analyze
wartime engagements. Human-level tactical scenario creation capability is secured by automatically generating
enemy tactical scenarios for human-designed Blue Army tactical scenarios.
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Fig. 1. Entire system architecture
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Table 1. Genetic operation in evolutionary learning controller
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Table 2. Computing environments

P A PC
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CPU Intel Xeon Gold 6226 | Intel Core 17-9700

RAM 32 GB 16 GB
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(a) Example situation in post—evolution stage landing
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Fig. 3. Compare TG's path route by scenario
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